
   

 

 
 
Prepared by  
EMPIRIC QUERI & SCHOLAR QUERI  
Partnered Evaluation Initiatives 
 

EMPIRIC & SCHOLAR Abstracts 
AcademyHealth Annual Research Meeting 2026 

  



    

1 
 

Table of Contents 

 

EMPIRIC Abstracts ............................................................................................................................. 2 

Assessing Ambient Scribe Performance: A Multi-Specialty Simulation & Mixed Methods Study ... 2 

Coordinating Work during an EHR Transition: Insights from a Primary Care Unit .......................... 4 

Dose-Response Effects of Peer-Coaching on EHR Efficiency ....................................................... 6 

Exploring Real-Time Clinician Experiences with AI Ambient Scribe Solutions ............................... 8 

Frontline User Experience In Learning Health Systems: A Rapid Evidence Assessment ............ 10 

Local Strategies to Support Electronic Health Record Transitions: A Positive Deviance Study ... 12 

Measuring Frontline User Experience with EHR Systems: An Evidence Synthesis ..................... 14 

Resolving EHR Functionality Questions at Point of Care: Exploring Peer Support Chat .............. 16 

SCHOLAR Abstracts ......................................................................................................................... 18 

Addressing the Pillars: Trustworthiness In AI-Supported Qualitative Analysis ............................. 18 

“AI Has Many Potential Benefits but Many Potential Downsides:” Trainees’ Perspectives .......... 20 

Characterizing Success In EHR Learning: Lessons Learned from Trainees ................................ 22 

Improving Trainees' Experiences with EHR Onboarding .............................................................. 24 

Measuring EHR Implementation Among Trainees: A Granular Approach .................................... 26 

Playbooks & Operational Partners: Lessons Learned In Translating Research into Practice ...... 28 

“They Assume We Know How to Use It”: Insights to Guide EHR Learning and Use .................... 30 

“They Can Make or Break Training”: Role of Supervisors In Facilitating Positive Experiences .... 32 

 

  



    

2 
 

EMPIRIC Abstracts 
 

Assessing Ambient Scribe Performance: A Multi-Specialty Simulation and Mixed 
Methods Study 

 
Julian Brunner, PhD, Suzanne Morrissey, PhD, Elise Stevens, PhD, China Payne, PhD, Scott Wiltz, 
MD, MPH, FAAFP, Sarah L. Cutrona, MD, MPH, Seppo T Rinne, MD, PhD, Alexander Kloehn, MPH 
 

Research Objective: 

Ambient scribe technology, which generates proposed clinical documentation from patient-clinician 
conversations, has emerged as a promising approach to reducing documentation burden. While 
studies proliferate, rigorous independent evaluations in controlled settings are scarce, and cross-
specialty comparisons are largely absent. To address these evidence gaps, we conducted a 
simulation-based evaluation of ambient scribing across four medical specialties. We evaluated the 
technology using standardized patient encounters in a simulated clinical environment, combining a 
validated measure of documentation quality with qualitative insights. 
 

Study Design: 

We conducted a mixed-methods evaluation in February 2025 at a Veterans Health Administration 
simulation center. Two artificial intelligence large language model-based ambient scribing solutions 
simultaneously recorded simulated patient encounters. Specialist clinicians rated AI-generated notes 
using an adapted Physician Documentation Quality Instrument (PDQI-9) and participated in specialty-
specific focus groups. We calculated means and standard deviations for PDQI-9 scores and used 
ANOVA to assess differences among specialties. Thematic analysis contextualized quantitative 
findings. 
 

Population Studied: 

Sixteen specialist clinicians (four each from cardiology, gastroenterology, hematology/oncology, and 
neurology) completing multiple simulated encounters with standardized patients enacting specialty-
specific clinical scenarios (n = 82 notes evaluated). 
 

Principal Findings: 

Mean documentation quality was 36.2 (SD 10.9) of 50. Ratings were highest for succinctness (3.9/5) 
and lowest for thoroughness (3.4/5). Across specialties, neurologists gave the highest ratings (42.2 
[7.5]) and cardiologists the lowest (32.0 [10.0]), consistent with qualitative accounts. However, within-
group variability was also large, and a test of differences among specialties did not reach statistical 
significance (P = .09). 
 
Qualitative findings helped explain the role of different workflows and priorities across specialties: 
neurologists described discussion-heavy encounters in which ambient scribing helped maintain eye 
contact and capture details that might otherwise be missed, while cardiologists emphasized the 
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centrality of prior studies and chart data, highlighting the need for EHR integration. 
Gastroenterologists and hematologists/oncologists offered mixed assessments, valuing reduced 
typing burden while expressing concern about inaccuracies and oversimplifications. Across 
specialties, clinicians raised concerns about hallucinated content, inappropriate diagnostic certainty, 
and omission of pertinent negatives. 
 

Conclusions: 

Ambient scribing produced notes of moderate documentation quality, with potential differences by 
specialty. These findings represent the first cross-specialty comparative analysis of this technology in 
a controlled environment. Specialty-specific workflows and information needs appeared to shape 
perceived utility, with discussion-intensive specialties finding more immediate value than those reliant 
on integrating prior test results. Limitations of the study include generalizability constraints of a 
controlled simulation environment. Future evaluation and implementation should examine real-world 
performance over time, with attention to specialty-specific workflows and integration with the EHR. 
 

Implications for Policy or Practice: 

Organizations implementing ambient scribing should attend to specialty-specific workflows and the 
degree of EHR integration required to meet clinicians' documentation needs. Simulation-based 
evaluation offers a practical approach for stress-testing AI tools in challenging scenarios before 
deployment with real patients. 
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Coordinating Work during an EHR Transition: Insights from a Primary Care Unit 

 
Alexis Amano, MS, Suzanne Morrissey, PhD, Seppo Rinne, MD, PhD, Xi Zhu, PhD, Olivia Jung, PhD, 
Julian Brunner, PhD 
 

Research Objective: 

To explore how primary care teams navigated coordination challenges during a transition to a new 
electronic health record (EHR). Our analysis of how clinical teams maintained or adapted their work 
during this sociotechnical disruption was guided by Coordination Theory, which describes how teams 
manage interdependent work through Accountability (knowing who is responsible for what), 
Predictability (stable routines that make others’ actions expected), and Common Understanding (a 
shared mental model of the task or patient). 
 

Study Design: 

We conducted a qualitative study using semi-structured interviews. Interview questions explored 
workflows, communication, and clinical care before, during, and after the EHR transition. All 
interviews were audio-recorded, professionally transcribed, and analyzed using a matrix-based rapid 
qualitative approach. Coordination Theory provided the analytic scaffold for identifying how team 
members maintained or adapted coordination practices as changes to the EHR introduced new 
routines, routing logic, and communication challenges. 
 

Population Studied: 

Seventeen primary care clinicians and staff, including registered nurses, licensed independent 
practitioners, licensed practical nurses, nurse managers, and advanced medical support assistants, 
participated in interviews. Interviewing staff from various role groups and multiple distinct teams 
allowed us to examine coordination practices across professional boundaries and to explore how 
highly integrated teams may be impacted by an EHR transition. 
 

Principal Findings: 

The transition to the new EHR shifted how team members coordinated daily work. First, participants 
described extensive “curation work,” involving the ongoing triage and cleanup of message pools and 
routed tasks. This work was needed because novel EHR tools increased shared visibility while also 
introducing ambiguity about who should act. Registered nurses frequently assumed responsibility for 
reviewing, labeling, and reassigning items so that work moved to the appropriate person. These 
practices converted shared visibility into Accountability and a Common Understanding of patient care 
status. Second, participants described “reconstruction work” in response to repeated disruptions to 
cognitive flow. This work filled a need created by scattered patient information in the EHR, incorrect 
message routing, and role-based permission constraints that limited what staff could see. To sustain 
a Common Understanding of patient care, clinicians overcommunicated (e.g., reminding peers of a 
patient’s history and needs in each communication thread) an added step that increased the time 
needed to complete clinical work. Third, participants reported “governance work,” defined as the 
development of local rules for communication and documentation. This work was needed because 
team members varied in their use of communication platforms (e.g., the EHR, Microsoft Teams, or 
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verbal communication), creating confusion and redundant work. By collectively establishing 
acceptable channels and pushing back on practices that risked degrading patient data privacy, teams 
restored Predictability to coordination routines. Interviewees further recommended formalizing these 
local rules to reduce the burden on frontline staff. 
 

Conclusions: 

Curation, reconstruction, and governance emerged as key mechanisms shaping how teams enacted 
the core coordination conditions of accountability, predictability, and shared understanding during the 
EHR transition. 
 

Implications for Policy or Practice: 

Improving coordination during major sociotechnical changes requires designing workflows and tools 
that reduce cognitive fragmentation and support task routing as well as resourcing the maintenance 
and governance work that clinical teams perform to keep tasks coherent and visible. 
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Dose-Response Effects of Peer-Coaching on EHR Efficiency: Evidence from 
VA’s EHR Transition 

 
Ryan Sterling, PhD, MPH, MSW, Julian Brunner, PhD, Seppo Rinne, MD, PhD, Sarah Cutrona, MD, 
MPH, Ekaterina Cole, MS, Suzanne Morrissey, PhD, James Weiss, MD, Brenda Faas, MSW, Casey 
Nosbusch, RN, Martha Michel, PhD, Edwin Wong, PhD, MA 
 

Research Objective: 

Veterans Health Administration (VA) is transitioning from its homegrown electronic health record 
(EHR) to a commercial system through a phased rollout across VA sites. VA’s EHR transition has 
faced challenges since its initial launch in October 2020, including concerns over inadequate vendor-
led EHR training. The National EHR Modernization Supplemental Staffing Unit (NESSU) is a group of 
VA clinicians that assist EHR transition sites by providing peer-coaching to help staff understand and 
use the new system. Aligning with prior research that links peer-coaching with more successful EHR 
implementation, results from a recent study among VA clinicians indicate NESSU participation is 
associated with less time spent on many EHR tasks. However, no empirical work has studied how 
peer-coaching intensity impacts EHR outcomes. Our study examined how different levels of NESSU 
exposure affect EHR time-based outcomes at a VA site that underwent EHR transition in March 2024. 
 

Study Design: 

We employed a quantitative study design using data from NESSU program documentation, EHR use 
records, and VA administrative data. EHR time-based outcomes included: total time in EHR, 
documentation time, orders time, and percent of time in EHR after business hours. Decreases in time 
indicated greater EHR efficiency. Outcome data was collected weekly for the 2-month period after 
EHR transition. Our key explanatory variable was NESSU exposure, measured categorically for two 
virtual peer-coaching modalities: structured group-sessions (exposure categorized by quintiles of total 
attendance) and on-demand one-on-one sessions (exposure categorized by quartiles). Using linear 
regression with covariate adjustment, we compared outcomes between EHR users with varying 
NESSU exposure levels versus non-participants. Additionally, we conducted nonparametric trends 
testing to assess dose-response relationships. For both analyses, outcomes were evaluated 
separately for each peer-coaching modality. 
 

Population Studied: 

We studied 221 EHR clinician users at one VA EHR transition site, spanning multiple service lines 
(primary care, behavioral health, outpatient nursing, emergency department nursing, and inpatient 
nursing). 
 

Principal Findings: 

Among EHR users, 24% attended NESSU group-based sessions (averaging 5.3 sessions per 
attendee) and 21% attended one-on-one sessions (averaging 0.65 sessions per attendee). In 
adjusted analyses, we observed a dose-response pattern wherein higher NESSU exposure was 
associated with reduced EHR time. For group sessions, the highest exposure quintile was associated 
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with a 8.04-minute reduction in total EHR time (p=0.011) and a 5.04-minute reduction in 
documentation time (p=0.007), per patient per week. Similar patterns emerged for one-on-one 
sessions. Nonparametric trends testing confirmed these dose-response relationships: all EHR 
outcomes showed significant trends for group sessions (p<0.05), while only total time in EHR and 
documentation time showed significant trends for one-on-one sessions (p<0.001). 
 

Conclusions: 

Higher levels of NESSU exposure were associated with more pronounced improvements in EHR 
time-based outcomes. Findings suggest peer-coaching intensity—not just participation—plays an 
important role in EHR efficiency. 
 

Implications for Policy or Practice: 

Our findings suggest health systems undergoing complex EHR transitions may benefit from investing 
in peer-coaching and actively promoting repeated program engagement to mitigate implementation 
challenges. Protected time for attendance and integration into service line workflows may facilitate 
sustained engagement. Organizations might prioritize group-based coaching, given its stronger dose-
response effects, while maintaining one-on-one sessions for targeted support. 
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Exploring Real-Time Clinician Experiences with AI Ambient Scribe Solutions: 
Simulation Insights for Effective Integration 

 
Suzanne Morrissey, PhD, Julian Brunner, PhD, Elise Stevens, PhD, Alex Kloehn, MPH, China Payne, 
PhD, Sarah Cutrona, MD, MPH, Seppo Rinne, MD, PhD 
 

Research Objective: 

Artificial intelligence (AI)-powered ambient scribing technologies are increasingly promoted as 
solutions to reduce clinician documentation burden and enhance workflow efficiency. While recent 
national reports describe potential benefits and risks of these tools, many studies rely on broad 
physician surveys and few (if any) explore clinicians’ real-time interactions with the technology in 
controlled, high-fidelity simulations of common clinical encounters. This study addresses this gap by 
exploring clinicians’ perspectives on foundational requirements for implementing AI-driven ambient 
scribe tools in simulated clinical settings, focusing on barriers, facilitators, and implications for real-
world adoption and governance. 
 

Study Design: 

We conducted a qualitative evaluation using simulated clinical encounters at a U.S. Veterans Affairs 
(VA) health training simulation center. Clinicians from neurology, cardiology, gastroenterology, and 
hematology/oncology specialties interacted with two vendor AI ambient scribing solutions during 
standardized clinical scenarios with trained actors, after which an adapted Physician Documentation 
Quality Instrument (PDQI-9) survey was fielded to rate and assess note quality. Focus groups with 
each specialty cohort were conducted to better understand simulation participant perceptions of the 
technology. Drawing on multiple AI frameworks, we identified key domains relevant to AI governance 
onto which we mapped specialty-specific considerations, use cases and perceived benefits, key 
concerns, as well as implementation considerations. 
 

Population Studied: 

Participants (N=16) were clinicians from four specialties (4 from each: neurology, cardiology, 
gastroenterology, and hematology/oncology), who completed simulated patient visits at the VA’s 
Simulation Validation, Evaluation, and Testing (SimVET) center. Their expertise captured practical 
documentation challenges across a range of high-volume outpatient settings. 
 

Principal Findings: 

Clinician-identified critical concerns for ambient scribing tool adoptions were mapped onto relevant 
categories: 
 
Legal: Concerns regarding documentation accuracy (hallucinated diagnoses, fabricated findings), 
liability, traceability, and the need for auditable transcripts. Uncertainties about patient consent and 
disclosure protocols were also highlighted. 



    

9 
 

Ethical: Data privacy, security, and risk of bias were recurring themes. Clinicians expressed concern 
about inhibiting patient honesty in sensitive conversations and potential negative impacts on 
vulnerable populations (e.g., veterans with Post Traumatic Stress Disorder). 
Financial: Skepticism emerged regarding the return on investment, citing time spent editing errors or 
correcting misattributions. VA-specific issues included limited scribe licenses, insufficient coding 
support, and slow procurement cycles. 
Technical: Implementation challenges centered on workflow disruptions, lack of EHR integration, 
inconsistent performance, and hardware/connectivity limitations. Clinicians stressed the need for 
customizable templates, seamless interoperability, and adaptable phrasing. 
 

Conclusions: 

Simulation-based, hands-on evaluation illuminates the multifaceted challenges and prerequisites for 
integrating AI ambient scribe technologies in clinical practice. Legal, ethical, financial, and technical 
domains must be addressed jointly, tailored to the realities of EHR systems and diverse patient 
populations. By centering hands-on clinician feedback, this work advances understanding of what is 
needed for safe, scalable AI scribe integration and highlights actionable recommendations to inform 
institutional policy and future evaluation. 
 

Implications for Policy or Practice: 

Responsible adoption of AI ambient scribe technologies hinges on partnership among clinicians, 
technology developers, and health systems, prioritizing transparency, customizability, consent, and 
workflow fit as well as challenges around data security, clinical accuracy, and technical integration. 
Simulation-based evaluations can guide best practices, and promote equitable, sustainable AI 
implementation especially in complex settings such as VA. 
 

  



    

10 
 

Frontline User Experience In Learning Health Systems: A Rapid Evidence 
Assessment of Measurement and Conceptualization 

 
Alexis Amano, MS, Lauren Stevenson, PhD, Justin Rucci, MD, MSCI, Payten Higgins, Seppo Rinne, 
MD, PhD, Isomi Miake-Lye, PhD 
 

Research Objective:  

To provide an overview of evidence on clinician user experience (UX) as a focus of learning health 
systems (LHS). Based on understandings that frontline UX must be accounted for to optimize care 
delivery, our findings were intended to inform the Veterans Affairs (VA) Office of Clinical Informatics’ 
(OCI) development of an enterprise strategy for measuring UX of the electronic health record (EHR). 
As health technology is increasingly integrated into care delivery, additional attention is needed to 
optimally design and utilize these tools for better frontline UX and ultimately better patient care. 
 

Study Design: 

We conducted a rapid evidence assessment. A research librarian developed and executed a 
database search in MEDLINE. Titles and abstracts were screened in duplicate using DistillerSR’s 
online evidence synthesis platform. Abstracts that explicitly described LHS were sorted into those that 
presented empirical data and those that described a conceptual LHS model or framework. Based on 
emergent similarities between abstracts presenting empirical data, we categorized manuscripts based 
on their use of UX data within the LHS. We sought to identify when and how UX was invoked in the 
LHS literature and to identify gaps relevant to the integration of UX within LHS infrastructure. 
 

Population Studied: 

The review included peer-reviewed publications describing LHS implementations, evaluations, 
outcomes, conceptual models, and frameworks across clinical, operational, and research settings. 
Studies varied widely in population and context. No restrictions were imposed on clinical area, health 
system type, or study design. 
 

Principal Findings: 

The search identified 1,776 publications; 517 met criteria for abstract screening, and 329 were 
included for analysis. Theories and frameworks describing LHS models emphasized continuous 
learning, data infrastructure, implementation processes, and patient outcomes, but rarely articulated 
mechanisms for capturing, integrating, or using frontline UX as a routine input in learning cycles. 
Empirical studies reported a broad range of outcomes, and most focused on narrowly defined 
initiatives or specific patient populations, indicating that LHS outcomes measurement remains 
heterogeneous and disease-specific. In this category, few publications (n=90) evaluated outcomes 
relevant to frontline clinicians or their operational experience. Furthermore, no identified studies 
directly measured or integrated frontline UX data within LHS learning cycles. Instead, the empirical 
literature reflected three adjacent but distinct areas: studies describing frontline user attitudes and 
beliefs about LHS concepts, studies incorporating frontline behavioral or attitudinal data within 
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specific improvement projects, and studies that gathered experience data from broader stakeholder 
groups without centering frontline clinicians. 
 

Conclusions: 

We identified a notable absence of research or conceptual guidance on incorporating frontline UX into 
LHS data flows or learning processes. Although adjacent literatures capture related constructs, the 
field has not yet developed an empirical or theoretical basis for measuring frontline UX as part of LHS 
operations. 
 

Implications for Policy or Practice: 

Findings highlight an opportunity for health systems to advance LHS maturity by explicitly 
incorporating frontline UX into measurement strategies and learning infrastructures. Developing 
standard approaches for UX data collection, aligning UX measurement with LHS outcomes, and 
embedding frontline experience as a core source of insight may strengthen implementation success, 
improve workflow alignment, and support more responsive and effective learning cycles in complex 
health systems. 
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Local Strategies to Support Electronic Health Record Transitions: A Positive 
Deviance Study 

 
Julian Brunner, PhD, Alexis Amano, MS, Courtney Bilodeau, MPH, RDN, Suzanne Morrissey, PhD, 
Seppo T Rinne, MD, PhD 
 

Research Objective 

Electronic health record (EHR) transitions are consistently challenging, yet outcomes vary 
substantially across clinical units. While extensive guidance exists on implementation best practices, 
recommended strategies are inconsistently applied. Drawing on “positive deviance” principles, our 
objective was to identify local strategies used by high-performing clinical units during the ongoing 
EHR transition at the Department of Veterans’ Affairs (VA). 
 

Study Design 

In this sequential mixed-methods positive deviance study, we identified clinical units at VA facilities 
that statistically overperformed on survey measures of EHR confidence or efficiency, controlling for 
specialty, facility, and employee characteristics. We conducted semi-structured interviews with 
members of those units, exploring strategies for using and adapting to the new EHR. Interviews were 
analyzed using matrix analysis to identify strategies, followed by coding and content analysis to 
characterize each strategy with supporting quotes. 
 

Population Studied: 

Thirty-one clinicians from 6 clinical units (primary care, mental health, medical specialty, 
home/community care, and 2 pharmacy units) across 5 VA sites participated. Three units 
overperformed on confidence measures, 3 on efficiency measures. We used snowball sampling from 
service line leads until reaching thematic saturation. 
 

Principal Findings: 

High-performing units reported 18 strategies, summarized across 5 domains below: 

1) Peer support operated at multiple levels: across facilities, by learning directly from live sites; 
within facilities, by coordinating on workflows that cut across departments or service lines (one 
primary care department discovered order cancellations weren't reaching another department’s 
nursing pools); and within clinical units, with peers frequently serving as each other’s first and 
best resource. 

2) Local help materials included concise, role-specific guides and videos in accessible 
repositories, regularly updated as the system evolved. One pharmacy unit created over 100 
standard operating procedures. 

3) Communication strategies balanced information flow with cognitive load. Leaders curated 
updates to avoid alert fatigue. Many used chat threads, both team-specific and facility-wide, to 
provide real-time support and answer emergent questions. They prioritized identifying clear 
points of contact for specific issues and maintaining up-to-date resources about the EHR. 
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4) Informatics partnerships provided hands-on troubleshooting, ticket management, and 
guidance on EHR configuration. Informaticists developed "hot keys" automating repetitive 
tasks and conducted proactive training when observing inefficient workflows. 

5) Training emphasized early production environment access for workflow development, 
scenario-based practice, and early identification of needed changes before go-live. It included 
post-go-live refresher sessions, optimization fairs, and one-on-one coaching that deepened 
skills but required protected time for participation. 

 

Conclusions: 

These strategies represent what high-performing units actually employed. The positive deviance 
approach surfaced practitioner-validated strategies succeeding under real-world constraints. Future 
studies should test these strategies directly, and should integrate comparisons with and lessons from 
lower-performing units. 
 

Implications for Policy or Practice: 

Findings offer concrete, replicable strategies for facilities and clinical departments preparing for EHR 
transitions. Implementation efforts should systematically deploy these practices as standard support 
structures. Positive deviance principles (identifying those who “overperform” while facing similar 
constraints to their peers, and eliciting their strategies for doing so) offer a way for complex 
healthcare systems to identify context-grounded, evidence-based paths from “knowing” to “doing.” 
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Measuring Frontline User Experience with EHR Systems: An Evidence Synthesis 

 
Ellen Ahlness Abdulmuminov, PhD, Deborah Levy, MD, MPH, Payten Higgins, Seppo Rinne, MD, 
PhD, Jay Orlander, MD, MPH, Julian Brunner, PhD, Jan Hauck, PhD, Emily Patterson, Christian 
Helfrich, PhD, Brianne Molloy-Paolillo, PhD, Jessica Berumen, PhD, Isomi Miake-Lye, PhD 
 

Research Objective: 

Veterans Health Administration (VA) electronic health record (EHR) modernization efforts have 
caused significant changes to health professional (HP) user experience (UX). VA is interested in 
measuring UX as part of its nationwide transition to the new Federal EHR. To enhance measurement 
efforts for VA and other health systems, we identify and summarize methodologies used at the health 
system level to measure health professional (HP) UX with EHR systems, including: 1) approaches 
used by health systems to measure EHR UX, including sample size (reach), cadence/frequency of 
measurement, 2) how systems used UX data, including if data collection coincided with other 
organizational efforts, and 3) how they described and reported on data. 
 

Study Design: 

We performed a scoping review of health system approaches to measuring HP UX, adhering to the 
Preferred Reporting Items for Systematic Reviews and Meta-Analyses Extensions for Scoping 
Review (PRISMA-ScR) standards. 
 

Population Studied: 

A total of 98 articles were included based on a priori criteria. 
 

Principal Findings: 

Articles varied in how they described the UX concepts of interest (satisfaction, perceptions, usability, 
experiences), the cadence of data collection (once, pre/post intervention, multiple time points), and 
data collection approaches—both in form (surveys, interviews, direct observation, EHR data) and size 
(ranging from a single focus group to 5,000+ survey responses). While about half of the works’ data 
collection efforts were related to specific initiatives, we observed a lack of specificity around the 
connection between data collected and procedural ways through which EHR experiences (e.g., 
transitions, UX, satisfaction) could be attained. The findings of our scoping review illustrate the ways 
the relationship between key UX concepts, such as usability and satisfaction, can vary even within a 
defined body of work. The intertwined nature of the concepts can further complicated delineation and 
definition; for example, it may be the case that usability dominates user perceptions of EHRs so 
strongly that system efforts to improve user satisfaction simply cannot overcome poor usability. Yet 
attempting delineation of each concept, as well as their relationship to one another, is critical to inform 
future efforts to collect information on EHR use, and has particular implications for addressing EHR 
burden. 
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Conclusions: 

Health systems employ diverse methods to measure HP UX, with no single methodological approach 
dominating. Our findings reveal gaps in defining and reporting the methodologies and suggest a need 
for clear justifications surrounding measurement approaches employed. Data collection methods 
must align with intended intervention levels. Complex health systems require EHR UX improvement 
strategies that are applicable at the health system level. 
 

Implications for Policy or Practice: 

Health systems need to define the cost and benefits of UX data collection so that anticipated benefits 
are realized and worth the investment. The realized benefits must be interpretable, actionable at the 
desired level (technology, system, or user), and supported, whether that comprises leadership or user 
level buy-in. Synthesizing evidence on frontline EHR user experience measurement provides 
important resources for health systems leadership to support evidence-based decision-making when 
measuring HP EHR UX. 
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Resolving EHR Functionality Questions at the Point of Care: Exploring How Peer 
Support Chat Can Facilitate EHR Learning 

 
Ekaterina Cole, MS, Julian Brunner, PhD, Seppo Rinne, MD, PhD, Suzanne Morrissey, PhD, Ryan 
Sterling, PhD, MPH, MSW, James Weiss, MD, Brenda Faas, MSW, Casey Nosbusch, RN, Sarah 
Cutrona, MD, MPH 
 

Research Objective: 

Delivering Electronic Health Record (EHR) support via Microsoft Teams chat platform has enabled 
subject matter experts within VA’s National EHR Modernization Supplemental Staffing Unit (NESSU) 
to assist geographically dispersed end-users during a phased EHR transition. In the VA context, chat 
represents a novel model of rapid communication that is critical to timely support of safe clinical care 
delivery. Despite the rapid adoption of chat-based support models during large-scale EHR transitions, 
little empirical evidence exists characterizing the patterns, content, and functional focus of end-user 
inquiries. We explored inquiries, specifically related to EHR functionality and clinical workflows, to 
identify commonly addressed questions and problematic functional domains. 
 

Study Design: 

We assessed NESSU peer support chat logs across five service lines (Behavioral Health, Primary 
Care, Scheduling, Outpatient Nursing, and Pharmacy) from pre- through early post-go-live 
(December 2023-April 2024) at a VA site that underwent EHR transition in March 2024. A hybrid 
content analysis was conducted, employing an approach that utilized inductive coding to identify 
emerging categories of communications, as well as deductive application of predefined key search 
terms to classify question domains. We also assessed the numbers of overall chat engagements 
associated with each functionality domain per service line. 
 

Population Studied: 

VA clinicians and staff undergoing an EHR transition, engaged in peer support chats (n=420). 
 

Principal Findings: 

We identified commonly addressed questions and related functionality domains across service 
lines. The overall unweighted end-user chat engagement numbers on functionality questions across 
domains were high: 233 engagements (9 domains) – for Behavioral Health, 123 (15) – for 
Scheduling, 111 (8) – for Primary Care, 104 (14) – for Pharmacy, 66 (15) – for Outpatient Nursing), 
indicating a consistent trend of reliance on peer chats to resolve functionality questions at the point of 
care. Some services (Pharmacy and Scheduling) were represented by higher numbers of associated 
domains and more diverse sets of question areas. For each service, questions posed via chat, 
addressed a number of commonly encountered situations for which the necessary expertise may 
have extended beyond standard EHR workflow knowledge. Examples included: reconciliation with 
outside records (Behavioral Health); management of walk-in encounters (Scheduling); adding test 
results to a message (Primary Care); review of labs before medication treatment (Pharmacy), 
handling between-visit encounters (Outpatient Nursing). 



    

17 
 

Conclusions: 

Peer support chats were utilized by a diverse range of clinicians to rapidly resolve EHR functionality 
and related clinical workflow questions. Most commonly asked questions varied by service line. 
Questions posed yielded insights into service-line-specific tasks that may require extra support. By 
combining clinical insights with EHR expertise, peer chats represent a distinct mechanism of support 
that may complement vendor-based efforts. 
 

Implications for Policy or Practice: 

The explication of chat usage content may highlight the EHR domain areas of increased user 
difficulty. It can help determine vectors to facilitate knowledge sharing and lay grounds for automated 
support tools development to optimize resources required to support future go-lives. 
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SCHOLAR Abstracts 
 

Addressing the Pillars: Lessons Learned Pursuing Trustworthiness In AI-
Supported Qualitative Analysis 

 
Ellen Ahlness Abdulmuminov, PhD, Lauren Stevenson, PhD, Emily Neely, MPH, Julian Brunner, 
PhD, Seppo Rinne, MD, PhD 
 

Research Objective: 

The potential of artificial intelligence programs (particularly large language models 
[LLMs]) in analyzing qualitative data raises many questions, especially in relation to the core concept 
of trustworthiness. Trustworthiness contains four pillars: credibility, transferability, dependability, 
confirmability. Using two waves of annual free text survey data collection, we used an LLM AI tool to 
reinvestigate analysis and examine the ways in which the LLM organizes and draws connections 
between data. We present considerations on conducting AI-supported qualitative research in line with 
the four pillars of trustworthiness. 
 

Study Design: 

We fielded a cross-sectional survey across the VA in Autumn 2024 and 2025 to understand health 
professions trainees’ experiences with the EHR. We examined responses to two free text response 
questions on HPT EHR experiences. We manually analyzed 100% of 2024 responses and 30% of 
2025 responses using a priori/emergent coding and conducted content analysis to identify response 
trends, conversing collaboratively to reach interpretation consensus. We then fed the datasets and 
developed prompts to a LLM (VA GPT, an instance of ChatGPT-4 available within the VA firewall, not 
connected to internet browsing) and debriefed on its outputs. 
 

Population Studied: 

VA trainees who self-reported expectations to use VA’s EHR during their clinical training. 

Principal Findings: 

7,188 VA trainees (21.28% response rate) responded to the 2024 survey; 3,772 VA trainees (10.75% 
response rate) responded to the 2025 survey. We identify and reflect upon four key lessons learned 
through this process, and the specific pillars of trustworthiness: 

1) AI tools may supplement triangulation efforts (credibility) by providing an output to cross-verify 
against; however, we must note the inconsistency of AI-returned results, dependent upon 
individuals’ prior function or prompt use. 

2) AI tools may not be particularly effective at interpreting the applicability of findings to similar 
populations or settings outside of a study’s context (transferability); our experience suggests it 
was effective at categorization, but elevation/higher level interpretation was less reliable. 

3) However, the usage of AI tools requires thoughtful and comprehensive audit trails to bolster 
dependability of the results. Subtle differences in the wording of LLM prompts can yield 
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significantly different results. Researchers must both log prompt development and the 
decision-making behind prompt phrasing decisions. 

4) Use of AI tools underscores the importance of journaling to track evolving thoughts, biases, 
and reflections across manual coding (confirmability). It’s easy to take AI tool outputs as more 
objective than those of a researcher—but cross-checking them against the team’s evolution of 
thought creates spaces to probe and critique AI outputs. 

 

Conclusions: 

It is not enough to articulate the extent to which AI tools can recreate analysis; the challenge is in 
developing methodological protocols—and clearly articulating them. 
 

Implications for Policy or Practice: 

Rigorous, trustworthy methods are essential, yet funding cuts and operational uncertainty pose 
challenges to sufficient qualitative project FTE. Teams 
must leverage tools facilitating quality work and honor data. AI tools can be integrated into qualitative 
research; however, doing so will require thoughtfulness in adapting trustworthiness strategies for a 
tool that cannot be opened or interrogated. 
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“AI Has Many Potential Benefits but Many Potential Downsides:” Health 
Professions Trainees’ Perspectives on Artificial Intelligence In Clinical Training 

 
Justin Rucci, MD, MSCI, Ellen Ahlness Abdulmuminov, PhD, Shaina Coogan, MPH, Courtney 
Bilodeau, MPH, Edward Walton, MD, MHPE, Erin Matteau, DPT, CHES, Edwin Wong, PhD, MA, 
Sarah Cutrona, MD, MPH, Seppo Rinne, MD, PhD 
 

Research Objective: 

The use of artificial intelligence (AI) in healthcare continues to expand, but health professions 
trainees’ perceptions of AI remain understudied. We sought to characterize the frequency of AI use in 
trainee programs, the perceived benefit of AI tools, and trainee perspectives regarding AI’s impact on 
training. 
 

Study Design: 

Cross-sectional national survey fielded 9/23/2025-10/16/2025. We conducted descriptive analyses of 
questions measuring frequency of clinical AI use and perspectives regarding AI tools, plus qualitative 
content analysis of free-text responses to the question, “What are your general impressions about the 
impact of AI on clinical training?” 
 

Population Studied: 

Active trainees within a Veterans Health Administration (VA) training program 4/1/2025-6/30/2025 
 

Principal Findings: 

We received 3,772 surveys (11% response rate) across 123 sites. Most respondents were female 
(56%) and young (55% age < 29 years, 40% age 30-39 years). Many respondents were physician 
trainees (67%), but trainees also represented advanced practice providers (7%), psychologists (6%), 
nurses (5%), and other (15%) programs. Most trainees used large language models in their training 
program with infrequent use of other AI tools (Table 1). Despite limited use, ambient scribing and 
chart summarization were anticipated to be very/somewhat beneficial if integrated into training (57% 
and 56% of trainees, respectively). Many respondents believed that AI tools can positively impact 
training in evidence-based care, acquiring clinical knowledge, conducting research, and preparing for 
clinical practice (72%, 70%, 69%, and 65% of trainees, respectively). Simultaneously, trainees 
expressed concerns that AI could negatively impact their ability to establish appropriate autonomy 
(18%) and training in patient-centered care (17%). Free text responses contextualized the balance of 
optimism and concern. Trainees noted that AI can “cut through the clutter of unnecessary data/noise” 
so providers can “spend less time doing the monotonous work and more time...with patients.” 
Respondents also cautioned that the AI could undermine provider-patient connections and that 
“reliance on AI could lead to loss of critical thinking skills.” 
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Conclusions: 

This national VA survey reveals nuanced trainee perspectives regarding clinical AI tools. While 
trainees have limited exposure to AI beyond large language models, they perceive potential benefits 
from a variety of AI tools, particularly those that minimize monotonous tasks and increase time for 
patient-centered activities. They also recognize potential negative impacts of AI on training, including 
threats to the development of autonomy and the delivery of patient-centered care. 
 

Implications for Policy or Practice: 

To prepare trainees for careers including AI, training programs should increase exposure to clinical AI 
tools and provide teaching on how to use them effectively, safely, and ethically. Addressing trainee 
concerns – how to establish autonomy, maintain clinical decision-making, and deliver patient-
centered care while using AI – could enhance trainee experience. 
 
Table 1: Trainee Use of Clinical AI Tools within their Training Programs 

AI Tool Daily / 
Weekly (%) 

Monthly (%) Rarely or 
Never (%) 

Not Sure (%) 

Commercial Large 
Language Models 

47 10 40 3 

Decision Support 11 5 79 6 

Ambient Scribing 6 2 86 6 

Chart Summarization 5 3 87 5 

Image Analysis 3 2 88 6 

Alert / Patient 
Messaging 
Management 

3 2 88 6 
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Characterizing Success In EHR Learning: Lessons Learned from Health 
Professional Trainees at VA High and Low EHR Confidence Cohorts 

 
Ellen Ahlness Abdulmuminov, PhD, Emily Neely, MPH, Lauren Stevenson, PhD, Edwin Wong, PhD, 
MA, Erin Matteau, DPT, CHES, Edward Walton, MD, MHPE, Seppo Rinne, MD, PhD 
 

Research Objective: 

Health Professions Trainees (HPTs) experiences with electronic health record (EHR) can 
meaningfully impact their perceptions of their clinical training. Not only do HPTs spend a significant 
amount of time using EHRs during clinical training, but a poor perception of or negative experience 
with an EHR can discourage an HPT from pursuing a career at that health system. We engaged 
HPTs, supervisors, and leadership across VA medical centers, representing high- and low-EHR-
confidence cohorts, to understand the landscape of facilitators and barriers to HPT EHR optimization. 
 

Study Design: 

We fielded a survey to VA HPTs across 153 facilities from 8/9/2024-9/7/2024 (response rate 21.28%; 
n=7,188). Using responses to the item “I feel very confident using the VA’s EHR”, six sites were 
chosen from high (n=3) and low (n=3) deciles for engagement, each cohort mirroring representation 
of urban/rural geographies, HPT program size, and complexity levels. We then conducted interviews 
across each cohort from 12/30/2025 to 4/16/2025, conducted a matrix analysis, and triangulated 
findings with quantitative data to reach consensus. 
 

Population Studied: 

We interviewed HPTs, supervisors, and site leaders from the high-confidence (n=29) and low-
confidence (n=23) cohorts. 
 

Principal Findings: 

We identified four key facilitators and barriers to HPT EHR use. First, exceptional individuals 
(supervisors or staff who go above and beyond their role responsibilities to prepare HPTs for EHR 
access) are key in onboarding HPTs promptly; however, this individual-dependent model is not 
scalable. Second, many HPTs experience significant EHR instruction in tasks not relevant to their 
role-specific needs. Third, there are no standard requirements or recommendations regarding who 
should conduct EHR training during HPT orientation. Fourth, HPTs are rarely given explicit 
instructions on how to customize or personalize their use of EHRs, resulting in significant variation in 
perceptions of EHR effectiveness among new and established HPTs. 
 

Conclusions: 

Implementing structures that support rapid HPT onboarding, provisioning, and EHR training are 
value-adding endeavors. Health systems can consider formal recognition of support responsibilities 
through new roles (e.g., an ‘HPT Access Champion’), funneling EHR instruction and prioritizing active 
learning modalities, and standardizing resources on EHR optimization and personalization. EHR 
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experiences are rarely the sole factor in driving HPTS away from VA careers, but they are meaningful 
and impactful experiences that can shape where a trainee considers employment when combined 
with other clinical training factors. 
 

Implications for Policy or Practice: 

As the new Federal EHR rollout has recently been expedited, VA has an opportunity to ensure HPTs 
are at the forefront of EHR learning, adoption and excellence. For the 123,000 HPTs who rotate 
through VA annually, we must identify effective and efficient EHR learning practices to ensure the 
best possible educational experiences. Across health systems, strategies can both support positive 
clinical training and learning environments and specifically target early pain points (e.g., onboarding, 
provisioning) that can disproportionately shape HPTs’ perceptions of clinical training. 
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Improving Health Professions Trainees' Experiences with EHR Onboarding By 
Increasing Adoption of Evidence-Based Learning Practices 

 
Ellen Ahlness Abdulmuminov, PhD, Emily Neely, MPH, Lauren Stevenson, PhD, Edwin Wong, Erin 
Matteau, DPT, CHES, Edward Walton, MD, MHPE, Seppo Rinne, MD, PhD 
 

Research Objective: 

Despite the substantial time that health professions trainees (HPTs) spend using electronic health 
records (EHRs) during clinical training, few large-scale recommendations exist to improve their 
experiences with learning a new EHR. In collaboration with clinical and educational leaders, we 
developed a playbook of evidence-based recommendations on improving HPT EHR optimization that 
aligns with the principles of a learning health system’s learning community. 
 

Study Design: 

Our evaluation team conducted a mixed-methods study to collect data on VA HPT experiences with 
EHR uptake and optimization. We fielded a survey to VA HPTs across 153 facilities. Using responses 
to the item “I feel very confident using the VA’s EHR”, six sites were chosen from high (n=3) and low 
(n=3) deciles for engagement, each cohort mirroring representation of urban/rural geographies, HPT 
program size, and complexity levels. We then conducted semi-structured interviews (developed from 
literature and a priori findings on EHR user experiences) across each cohort (12/30/2025-4/16/2025), 
conducted matrix analysis, and merged findings with descriptive survey data. Our evaluation team 
met iteratively to translate findings into preliminary recommendations, then collaborated with our 
operational partner to revise recommendations into a VA HPT EHR optimization playbook. 
 

Population Studied: 

We surveyed HPTs at VA facilities from 8/9/2024-9/7/2024 (response rate 21.28%; n=7,188) who 
self-reported they are expected to use VA’s EHR (VistA/CPRS or Federal EHR) during their clinical 
training. We interviewed HPTs, supervisors, and site leaders (n=52) from six VA sites, representing a 
range of HPT program sizes, ruralities, and site complexity levels, to enhance the generalizability of 
recommendations. 
 

Principal Findings: 

Our recommendation consolidated the HPT EHR experience into four focused stages, each 
correlating with specific recommendations: 1) onboarding and EHR access, 2) formal EHR learning, 
3) ongoing EHR learning and support, and 4) clinical training culture and retention. Critically, there 
are ways through which onboarding and provisioning processes can benefit from standardization and 
role formalization, while ongoing EHR learning benefits from self-initiated and individual refreshers. 
There are many ways in which HPTs benefit from informal and individual-level learning processes 
(e.g., exceptional senior residents or supervisors who provide 1:1 training or develop resources), 
which present challenges for standardizing support. Findings validate existing VA efforts to audit and 
curate computer-based EHR training, which are considered low-value compared to in-person mock-
patient-style instruction. 
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Conclusions: 

Strategies to optimize HPT EHR uptake can enhance health systems’ work: they enhance HPTs' 
ability to serve as care multipliers, support health systems in ensuring that improvement efforts focus 
on value-adding endeavors and improve clinical training experiences for HPTs—a subset of health 
professionals particularly vulnerable to burnout. 
 

Implications for Policy or Practice: 

VA is mandated to prepare the next generation of health professionals for the needs of VA and the 
nation. A learning health system learning community (integrating evaluators with a system program 
office and frontline staff) is an effective structure for developing and implementing change 
management to improve HPT experiences, as it allows rapid progression through 1) identification of 
successful and challenging aspects of EHR use, 2) development of data-informed strategies to 
improve EHR user, and 3) implementation and evaluation of these strategies. 
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Measuring Electronic Health Record Implementation Among Health Professions 
Trainees: A Granular Approach to Post-Go-Live Monitoring 

 
Seppo Rinne, MD, PhD, Shaina Coogan, MPH, Nate Apathy, PhD, Edward Walton, MD, MHPE, Erin 
Matteau, DPT, CHES, Ellen Ahlness Abdulmuminov, PhD, Edwin Wong, PhD, MA 
 

Research Objective: 

Electronic health record (EHR) transitions present significant workflow disruptions, particularly for 
health professions trainees (HPTs) who must simultaneously learn clinical skills and master new 
technology. While prior research has examined clinician burden during EHR implementations, few 
studies have used granular activity data to characterize adaptation trajectories among trainees or 
identified optimal monitoring approaches to guide improvement efforts. Understanding how trainee 
EHR engagement evolves in the immediate post-transition period (“go-live”) is critical for designing 
targeted support interventions and establishing realistic clinical and educational expectations for 
training programs. This study aimed to characterize weekly patterns of EHR activity among physician 
trainees during the first ten weeks following EHR go-live and to evaluate the utility of granular time-
tracking data for identifying adaptation milestones. 
 

Study Design: 

We conducted a cohort study to analyze Oracle Health’s Advance ® timecard data to document EHR 
time for physician HPTs. We calculated per-patient metrics to account for varying full-time equivalent 
status: total active time in EHR (minutes), documentation time (minutes), after-hours time (minutes, 
defined using a 7PM-4AM window), and total orders placed (count). We generated descriptive 
statistics, unadjusted trend lines, and locally estimated scatterplot smoothing (LOESS) curves to 
visualize adaptation trajectories across the ten-week period. After-hours analyses were restricted to 
HPTs working exclusively in ambulatory settings (n=43) to ensure meaningful time-boundary 
definitions. 
 

Population Studied: 

HPTs at a large VA hospital system in the Midwest who saw at least one patient during any week of 
the go-live period (March 9–May 17, 2024; n=85). 
 

Principal Findings: 

HPTs demonstrated substantial variability in all metrics (total EHR time per patient: mean=37.9 
minutes, SD=28.2, range=9.0-301.2). Temporal analysis revealed a steep decline in total EHR time 
per patient following go-live (mean=49.8 minutes) through week 3 (mean=38.6 minutes), followed by 
a plateau, averaging 35.7 minutes across weeks 4-10. In contrast, documentation time and order 
volumes remained relatively flat across all weeks with means approximately 13.5 minutes and 6.6 
orders, respectively. After-hours EHR time per patient was minimal (mean=0.51 minutes), with 
observed spikes driven by individual rather than group patterns. By week 10, all mean values (except 
after-hours time, driven by individual differences) were lower than week 1 baselines, suggesting 
overall efficiency gains. 
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Conclusions: 

The divergent trajectories between total EHR time (steep early decline) and documentation/ordering 
time (stable) suggest that adaptation primarily reflects increased efficiency in chart review and 
navigation rather than documentation speed. The rapid adaptation through week 3 followed by 
stabilization suggests there is a critical window for targeted support interventions. Advance ® 
Timecard data provided actionable granularity for characterizing adaptation patterns that aggregate 
metrics would obscure. 
 

Implications for Policy or Practice: 

This methodology enables training programs to establish site-specific benchmarks for post-go-live 
adaptation and identify trainees requiring additional support. The three-week adaptation window 
suggests optimal timing for follow-up interventions and resurveys. Future work will link these objective 
EHR metrics with trainee-reported survey data to validate self-reported burden measures and guide 
development of early warning systems for struggling trainees during VA’s ongoing EHR transition. 
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Playbooks and Operational Partners: Lessons Learned In Translating Research 
into Practice 

 
Ellen Ahlness Abdulmuminov, PhD, Emily Neely, MPH, Lauren Stevenson, PhD, Edwin Wong, PhD, 
MA, Courtney Bilodeau, MPH, RDN, Erin Matteau, DPT, CHES, Edward Walton, MD, Seppo Rinne, 
MD, PhD 
 

Research Objective: 

Playbooks are strategic tools used by systems to ensure consistency, efficiency, and quality in 
operations. They can help health systems develop deep, practical knowledge required for 
effectiveness and have been described as ‘the missing link’ in translating research into practice, 
providing decision-makers with the information needed to implement practices for the benefit of 
frontline workers. We systematically describe a process for evaluation teams to work with operational 
partners to develop playbooks, drawing from our experience developing a playbook on 
recommendations for improving health professions trainees’ (HPTs’) experience optimization of the 
Veterans Affairs (VA) electronic health record (EHR). 
 

Study Design: 

We conducted a mixed-method evaluation of HPT EHR experiences (survey and interviews), 
triangulating qualitative and quantitative data to develop findings. Findings were then translated into 
recommendations through a multi-stage process of iterative team consensus-building, refinement with 
operational partners, and an Executive Board Reflective Operations-Aligned Discussion (ROAD) 
workshop. 
 

Population Studied: 

To develop and refine recommendations, we engaged three distinct groups: (1) our evaluation team, 
which consists of 11 investigators and staff, including clinicians, informaticists, methodologists, and 
analysts; (2) operational leaders from our partnership with the Office of Academic Affiliations (n = 3); 
and (3) our evaluation Executive Board, which consists of informaticists, HPT subject matter experts, 
Academic Affiliates and frontline clinician educators (n =7). 
 

Principal Findings: 

The process of translating findings into an actionable playbook consisted of three stages. First, the 
evaluation team conducted iterative discussions to translate findings from the SCHOLAR QUERI 
evaluation (an evaluation on optimizing VA HPT EHR update during and outside of EHR 
modernization) into initial recommendations, reaching group consensus on conceptual interpretation 
and topic prioritization. Second, we applied two established refinement methodologies (conversing 
collaboratively, raising conscientiousness with our operational partner to refine recommendations 
through the lens of enhancing relevance, specificity, feasibility, and scalability across diverse program 
sizes and complexities Third, we refined recommendations and explored dissemination opportunities 
through a ROAD workshop with the project Executive Board. The translation process was particularly 
efficient at identifying next steps in turning content into accessible practice for its intended audience. 
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The process depends on partners who are deeply engaged; consensus-building occurs through 
ROAD interactions and may require heavy moderation. 
 

Conclusions: 

Recommendation development necessitates timely guidance and expert input. It is not enough to 
develop detailed instructions or recommendations to inform change management. The 
recommendations must be evidence-based, detailed, as close to best practices as possible, and 
disseminated effectively. Our approach to establishing the EHR learning playbook can inform other 
efforts to implement AI and other novel technologies. Collaboration with operational partners and 
knowledgeable stakeholders is necessary to attain each of these elements. Our approach to 
establishing the EHR learning playbook can inform other efforts in translating findings into appropriate 
scale recommendations. 
 

Implications for Policy or Practice: 

Health systems develop playbooks to provide guidance for large-scale health system transformation 
based on evidence. For systems to adopt playbooks into real world practice, it’s important for those 
involved in developing playbooks (evaluators, researchers, and health systems) to be intentional in 
progressing the playbook through each stage—especially dissemination—to avoid impact ‘dead 
ends’. 
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“They Assume We Know How to Use It”: Insights to Guide CPRS EHR Learning 
and Use Among VA Health Professional Trainees from a National Survey 

 
Ellen Ahlness Abdulmuminov, PhD, Shaina Coogan, MPH, Emily Neely, MPH, Lauren Stevenson, 
PhD, Edwin Wong, PhD, MA, Courtney Bilodeau, MPH, RDN, Erin Matteau, DPT, CHES, Edward 
Walton, MD, Justin Rucci, PhD, Seppo Rinne, MD, PhD 
 

Research Objective:  

Health professional trainees (HPTs) spend significant time using electronic health records (EHR) in 
their clinical training. However, there is little evidence on HPTs’ perceived effectiveness of EHR 
onboarding and training, or on best practices for preparing HPTs to use health systems’ EHRs. We 
characterize the current state of HPT Computerized Patient Record System (CPRS) EHR training and 
usage experience across the Veterans Health Administration (VA). 
 

Study Design: 

We fielded a cross-sectional survey assessing HPT experiences with EHR training, usability and 
perceived impacts of VA training experience. We conducted descriptive statistical analysis on survey 
responses and conducted content analysis on free text responses, applying merged methods 
analysis. 
 

Population Studied: 

HPTs at VA facilities from 9/23/2025 to 10/16/2025 who self-reported that they are expected to use 
the CPRS EHR during their clinical training. 
 

Principal Findings: 

A total of 3,772 VA HP trainees (10.8%) responded, of whom 3,680 use CPRS (97.6%). Respondents 
represented distinct VA medical centers. Of those who disclosed their program (n=3,177), 67.2% 
were physician trainees. The largest proportions of respondents (>33%) had 1-3 months or 12 
months or more of experience with the VA’s EHR. 
 
Just under one third of respondents (32.9%, n=935) felt satisfied with their overall VA EHR training 
experience. However, even among satisfied HPTs, there were pervasive concerns about the negative 
impact of CPRS on their experience; many attributed inefficient workflows and reliance on multiple 
unintegrated systems to decreased satisfaction with clinical training. 
 
HPTs reported a negative effect of the EHR on their ability to find information in the EHR in a timely 
manner (67.4%) and on their likelihood of selecting VA for a future career (51.4%). In many cases, 
perceptions of poor user experience were directly linked to decreased career inclinations. 
 
HPTs felt most satisfaction with support from supervisors and preceptors (73.7%), quality of 
instructor-led training (45.1%), and technical support from facility informatics staff (48.9%) in 
preparing them to use the EHR. They were least satisfied with educational resources meant to 
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support EHR use (25.9%) and the amount of time needed to prepare to use the EHR (28.1%). 
Effective human components (e.g., trainers knowledgeable in real-world workflows, active learning) of 
EHR training are highly valued, while computer-based training lacks engagement that builds 
competency. 
 

Conclusions: 

Our national data demonstrated that while some aspects of current HPTs' EHR training and usage 
may be effective, there are pervasive critiques among HPTs of their EHR experiences. 
 

Implications for Policy or Practice: 

These findings validate current concerns in VA HPTs EHR optimization and uptake. The national HPT 
survey is VA’s first tool to gather actionable data on EHR experiences to inform system 
improvements. Such improvements are critical for VA, which depends on positive clinical training 
experiences to support trainee-to-employee retention and fulfill its statutory mandate to conduct a 
program of education and training. Efforts to enhance HPT EHR experiences may include optimizing 
instructor-led training and asynchronous training resources. Continuing to collect data on HPTs’ EHR 
experiences can further identify promising and best practices to support high EHR confidence. 
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“They Can Make or Break Training”: The Role of Supervisors In Facilitating 
Positive Health Professional Trainee Clinical Training Experiences 

 
Ellen Ahlness Abdulmuminov, PhD, Emily Neely, MPH, Lauren Stevenson, PhD, Erin Matteau, DPT, 
CHES, Edward Walton, MD, MHPE, Seppo Rinne, MD, PhD 
 

Research Objective: 

The quality of supervision of Health Professions Trainees (HPTs) during their clinical training is not 
only cited as an essential part of their training, but also directly affects how well they learn electronic 
health records (EHR) and clinical knowledge, and whether they are inclined to pursue careers in their 
systems of training. We sought to understand how supervisors can enhance or detract from HPTs' 
positive perceptions of clinical training experiences, especially as their ability to support HPTs’ EHR 
uptake and efficiency can significantly affect broader HPT satisfaction with clinical training. 
 

Study Design: 

We fielded a survey to VA HPTs nationwide (across 153 facilities) from 8/9/2024-9/7/2024 (response 
rate 21.28%; n=7,188). Using responses to the item “I feel very confident using the VA’s EHR”, six 
sites were chosen from high (n=3) and low (n=3) deciles for engagement, each cohort mirroring 
representation of urban/rural geographies, HPT program size, and complexity levels. We conducted 
interviews across six VA facilities from 12/30/2025-4/16/2025. We conducted matrix analysis and 
merged qualitative and quantitative data. We conducted team debriefs and consensus discussions to 
identify major takeaways. 
 

Population Studied: 

We fielded a survey to HPTs (residents, interns, and students; response rate: 21.28%; n=7,188). 
Interviews were conducted with HPTs, supervisors, and site leaders from high (n=29) and low EHR 
confidence (n=23) cohorts. 
 

Principal Findings: 

We identified three key ways supervisors shape HPT clinical training experiences. First, supervisors 
are in a unique position to conduct “temperature checks” on HPT wellbeing, addressing and elevating 
HPT concerns long before annual reviews or surveys identify issues. Second, highly effective 
supervision programs selectively chose supervisors and mentors who were passionate about 
improving HPT experiences and who considered creative solutions to incentivize and reward 
supervisory responsibilities. Third, variation in supervisor quality and in their own EHR optimization 
leads to significant variation in HPT EHR uptake, as supervisors vary in their EHR optimization and in 
their ability to provide helpful EHR resources to HPTs. 
 

Conclusions: 

Supervisors shape HPT’s clinical training experiences, impact on care delivery, and ability to use 
EHRs efficiently; as such, environments that support quality supervision pay dividends in enhancing 
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both HPT perceptions of clinical training and HPTs’ ability to make meaningful contributions to patient 
care during their training. Health systems and clinical training programs can incentivize engaged 
supervisors and mentors, given existing preceptor time demands, including by protecting time for 
supervision, offering faculty development activities on precepting, and offering coaching programs. 
 

Implications for Policy or Practice: 

Exceptional individuals can meaningfully enhance HPT’s clinical training experiences; the reverse is 
also true. HPTs meaningfully contribute to patient care; in VA, about 33% of direct patient care is 
provided by HPTs. Health systems have the opportunity to recognize and reward self-motivated 
clinicians and mentors who engage HPTs to support a well-functioning, dedicated workforce. 
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