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Unidentified Female:
… TinyURLs for handouts, and a TinyURL for captions. If you are looking for either one of those, we have those available. Or, there were direct links included in the reminder that was sent out this morning. 

Our presenter today is Adam Wilk. Adam Wilk is an assistant professor of health policy and management at Emory University's Rollins School of Public Health. Adam received his PhD in Health Services Organization and Policies from the University of Michigan School of Public Health. He has an affiliation with the VA Center for Clinical Management Research in Ann Arbor. In the past, he worked as a Researcher, Program Manager, and Consultant at the Brookings Institution at The Lewin Group. 

The title of his presentation today is re-examining facility level effects on diabetes care quality for Veterans. Adam, I will turn things over to you now.

Adam Wilk:
Very good, thank you very much, Jean. Thank you all for joining us as well. It is a pleasure speaking with you all today. This work that I'm presenting now is derived from some of my dissertation work at the University of Michigan. 

The first thing that I want to do though is be sure I acknowledge my co-authors for their assistance in developing this work. It was certainly far less robust before I engaged them more thoroughly to develop this. Thank you to them. The first thing I wanted to do, though was to get a fuller sense of what everyone's principle interest in this work is so I can tailor some of my discussion later on. Let us go ahead and do that. 

Unidentified Female:
Our poll question here, I am missing. What is your principle interest in this work examining facility and peer effects on diabetes care quality? The choices here are improving the quality of clinicians diabetes care. I'm trying to open up this quickly. One of the responses got chopped off here. The second option, how physicians influence one another's care patterns. The third, identifying and enhancing patient's roles in diabetes self-care. Multi-level, for example, physician and facility health economics. 

The last one is other. If you are response is other, you can use that question screen to type those questions into us. It looks like we have a good number of answers in. I will give everyone just a few more moments to respond before I close the poll question out here. It looks like when they have all of the answers here. We will close that out. 

We are seeing 14 percent saying improving the quality of clinicians' diabetes care; 9 percent, how physicians influence one another's care pattern; 23 percent, identifying and enhancing patients' roles in diabetes self-care; and 55 percent, multi-level physician and facility health economics. Thank you everyone for participating.

Adam Wilk:
Thank you very much. That is great. I hear that a good chunk of you were interested in the multi-level health economics methods component of this. I am certainly planning to go through that in detail. But I would be happy to answer any additional questions at the end that you might have. Then a good smattering of interest in the other topics as well, and of course, I am certainly hoping that this presentation is informative on each of those margins. But again, I would be happy to answer any specific question you might have on these points at the end or certainly after the presentation as well.

Let us start with the big picture. Diabetes care quality is typically measured with individual HEDIS or EPRP measures. There have been many studies using these classic measures showing, especially in recent years, relatively high performance on these quality measures particularly within the VA. There may be some concerns more recently about hawthorn effects in these measures since facilities have had ample opportunity to adjust to the environment where they are measured using these measures. 

Then, given relatively high performance again, and particularly in the VA, you may also be concerned that ceiling effects might be limiting variation across facilities in these measures. The picture I am showing you on this slide comes from an AARP report from a few years ago. They used traditional HEDIS diabetes care quality measures, but it combined four of them to present a more all-encompassing picture of diabetes care quality. 

Then, the main headline from this is on the Y axis here. That in aggregate across these measures, overall quality of diabetes care may not be that great. Then in addition, it is a relatively tight distribution of those plotted lines across facility and regions, facility types and regions. I think that is another important point that at least using these measures we are seeing relatively little variation relative to what you might expect to see or be used to seeing, if you're used to looking at plots and variation in regional expenditures or other quality measures.

Again, the main take away though is that quality improvement is definitely needed across facility types. The incentives to do so are increasing between paper performance initiatives, hospital value-based purchasing programs, and a variety of other programs going into place these days. The evidence about how to actually improve quality to respond to these incentives is something of a mixed bag across measures and across facility types. Some evidence suggests that quality improvement can be slow and uneven. 

Certainly, the same interventions might have very different effects in different contexts. This all applies to VA and non-Veterans facilities alike of course. The last bullet main pertain particularly to non-Veterans facilities, of course. That is that clinicians are increasingly employed. Consequently, the burden of improving quality and innovating in this space is increasingly falling to facilities. As for how facilities can improve quality and whether they can improve quality, I am showing on this slide some of what the literature currently says. 

There are a few papers that have shown that facility level factors whatever they are may be playing a significant role in driving quality. Some of those results are diabetes specific, too. As for what the specific facility characteristics are that may contribute to driving quality or quality improvement, that literature is a little thinner. There is some evidence suggesting that the sufficiency or availability of care resources may be an important correlate. That is facilities with more resources may do better on some of these quality measures. 

When I say resources in this case, I am speaking at large about clinical staff, non-clinical staff, IT resources, space, and accommodations, a real wide variety of things may be relevant here. But again, there are many other mechanisms that could also play an important role. The limitations of the literature about facilities' effects on individual clinician’s quality are listed on this slide, at least a few of the one that I wanted to talk about. I eluded earlier to some of the limitations of traditional measures of diabetes care quality. 

Most of the literature depends on those measures. The majority of the studies in this literature also rely on cross-sectional designs, which we all know can limit causal inference. But they may also afford opportunities for bias in estimates. For example, if you are concerned about omitted variables affecting both dependent and independent variables, or simultaneity bias, and other issues like that. There are a few longitudinal study designs in this literature. But the few that I am aware of do not make a broad effort to identify specific facility characteristics that might be important for driving quality. Each of these limitations are things we are trying to address with this work. 

For this study specifically, when we think about how facilities might influence the practice patterns of individual care providers. One way they could do it would be through the clinicians' peers. You can imagine a facility putting in place some structural or organizational features that physicians might just ignore and think of as inconvenience. One example might be a quality measure reporting requirement that physicians might think of as an unnecessary burden occupying more of your time than you would like. On the other hand, that same quality reporting system could potentially be effective in driving improvement in quality for individual care providers if all of that providers' peers buy in and pay closer attention to the measures and to associated clinical practice guidelines. Of course, how the facility roles out a program like this might significantly determine the outcome of the program and that peer group's buy-in. 

Overall, we are thinking of the quality measure performance of the physicians at a facility as interconnected with the features of the facility and how that facility manages the physician population overall. The conceptual framework of physician learning and peer effects is certainly germane in this context. That peer effects framework basically states that individual physicians or other providers will establish their initial practice patterns while they are being trained. 

Then over time, those practice patterns might come to look more and more like their peers' practice patterns for a variety of reasons, potentially including mentorship, or the opinions of local opinion leaders, and liability concerns. The physicians want their practice patterns to be more defensible in the views of their peers; and for some other reasons as well.

Now this is the basic peer effects framework. But in this paper, we are adding a bit of a nuance to this. We are asserting that how facilities' resources are set up may also affect how quickly individuals' practice patterns come to align with those of their peers. In particular, if a facility's resources are limited or tightly coordinated, individual physicians could have less leeway to practicing whatever way they want. They might have greater difficultly dancing to the beat of their own drum, if you will. Where resources are more plentiful, they might have greater leeway to do so. 

As for the evidence, we do not see any real evidence about the resource component of this framework. But certainly, the peer effects framework has been evaluated in different contexts in which physicians make decisions. I do not see in the literature evidence of peer effects in ambulatory care quality however. In this paper, we will be looking to answer three research questions. The first one pertains to the basics of the peer effects framework I just laid out. How do healthcare facilities and peers affect the care patterns of individual clinicians? 

Again, our hypothesis is the standard peer effects hypothesis. The care patterns of peers would be positively associated with the care patterns of the individual. In this case, I have written out the hypothesis in terms of care intensity just because that is a relatively succinct way of interpreting the quality measure that we will be using to measure practice patterns in the study. Specifically, what I mean by this is when a physician's peers provide more intensive care, the physician will provide more intensive care. Then the converse also would hold. If the physician's peers provide less intensive care, the physician will provide less intensive care as well. 

The second research question is about the nuance we added to the conceptual framework. Do facility resource levels mediate these peer effects? Our hypothesis is that stronger resource constraints would yield stronger evidence of peer effects. Again, when I write resource constraints here, you could also specify this modifier in terms of limitations of resources. In some separate work, we are also looking at facility coordination efforts as a way to potentially constrain resource use. 

We will be examining how those coordination structures might themselves mediate peer effects relationships through a similar mechanism. Then finally, the third research question we had listed here is more of a secondary research question in the context of peer effects research. This question is about how peer effects identified through panel data might differ from peer effects identified in cross-sectional analyses. 

Cross-sectional estimates would be more consistent with what the literature has done to date. In this study, we will be constructing panel estimates to which we can compare corresponding cross-sectionals. Now, I have already talked a bit about what a cross-sectional study might look like in this context. I think – I am pretty sure you can imagine what that would look like using the cross-sectional survey for example, for your data. But for the panel study, it might be productive for you to imagine a thought experiment where we might randomly drop the same physicians into different facilities and observe their quality measured performance at each facility. 

Comparing a panel study's estimates and a cross-sectional study's estimates, we might expect that the cross-sectional estimates would be larger, if they are actually bias upward because of omitted variables that might likewise affect both the individual physician's care intensity and that of his or her peers, either up or down. 

That is what I would predict. You could imagine, for example, that characteristics of the local patient population might make them particularly easy or difficult to manage. If that is the case, then one's peers and oneself might have to adjust in order to ensure that the patient's diabetes care is in line with clinical practice guidelines. On the other hand, though, it is certainly possible that the panel estimates could be greater than the cross-sectional estimates. That might be the case if there were some strong convergence of practice patterns among physicians in the cross-sectional analysis. 

I am thinking this might be a possibility if there a good number of factors in the panel study that might compel the individual physician dropped into those different facilities randomly as we talked about in the_____ [00:17:02] experiment. More factors for that physician dropped into adjust his or her care patterns then there would be factors compelling the incumbent physicians of these facilities to adjust their patterns to those of the new guy. 

I will come back to that in a little while for some additional discussion. Just briefly, the data sources that we are using in this study are concentrated in the VA clinical data warehouse for the period 2008 to 2011 fiscal years. That is where we derive our diabetes episode data and some information about physicians. We also capture vital status information to make sure that the diabetes episodes in our data pertain to living Veterans, that they are not erroneous data. Then we also capture some information about facility resources, specifically diabetes relevant clinical, and non-clinical staff, and IT, and space resources, and a few other variables capturing about resources. 

This information comes from the clinical practice Organization Survey, Primary Care Director Module, which was fielded in 2007. Then many of the same questions were answered in the VA primary care survey by many of the same facilities a couple of years later. For our episodes, which follow in 2008 to 2011, we applied the most recent prior versions of those resource measures as the most relevant ones. Then, we also capture some information about market or region characteristics using the area health resource file. 

I will be talking about some of those controls in a little while. But first, I wanted to talk a bit about the diabetes care quality measure that we use in this study. This is a bit different from your standard HEDIS and APRP measures. It is a measure that captures or assesses rather blood pressure control therapy and the intensity of that therapy among Veterans with diabetes. This measure is based on work by Kerr and colleagues published in 2012. 

I am going to dive deeply into this measure in just a second. But let me quickly note, too, that if you are interested in doing work similar to this or using measures that like this one are fairly closely tied to clinical practice guidelines, I would encourage you to also seek out a similarly structured measure produced by Kerr and colleagues I think the following year of LDL control. 

I think the first author had a manuscript this year for your reference. Alright, so here is the measure that we use in our analysis. This is an ordinal five category measure of blood pressure control intensity. That is every episode in our data is placed into one of these five mutually exclusive categories based on the criteria I will show again in a moment here. But these categories are assigned values 1, 2, 3, 4, or 5. 

They run all on the spectrum from at the very bottom, almost certain undertreatment of blood pressure control – of blood pressure in this population versus appropriate care in the middle. Then at the higher end of the spectrum, highly intensive treatment of blood pressure among Veterans with diabetes. 

The criteria that we use to assign episodes to these categories are tightly linked to clinical practice guidelines, and based principally on clinical decision making conditional on patient blood pressure levels. These criteria were selected to contrast markers of undertreatment for this condition and markers of overly intensive management with appropriate care. 

Now, let us take a closer look at some of these categories so that you can get a clearer sense of how this measure structured, which I think is important for interpreting results later on. The lowest category on this spectrum, the almost certain undertreatment group is characterized by patients that have very high blood pressure and do not have strong evidence of a strong action taken by clinicians to mitigate the risks of this high blood pressure. The number two group, potential undertreatment, it does not have quite as high of levels of blood pressure. But likewise, it does not have any that is consistent with appropriate care that a strong action was taken to mitigate these risks. The appropriate care group describes what actions are appropriate and also identifies blood pressure ranges identifying that these results were sufficient – that these actions were sufficient rather. 

On the intensive end of the spectrum, we are seeing patients with lower blood pressure and continuing intensive management of the condition, perhaps overly intensive condition for some patients – perhaps not all patients though. Then at the high end of the spectrum are patients with very low blood pressure, likely the result of overly intensive, or at least highly intensive management. Then, how would this measure actually be used in our model? You could use the whole measure overall, which would act as a pseudo continuous measure using the categorical values to characterize the variable. This would be a variable that would take on the values one, two, three, four, or five depending on where the episode fell on the spectrum. 

It would also be possible though to construct a simpler dichotomous variables contrasting any one of these categories against all others. We use both methods in our analyses. We use the overall measure. We use these dichotomous measures; three in particular. We constructed dichotomous measure contrasting the number one group, almost certain undertreatment against all other categories. Similarly, we constructed a dichotomous variable contrasting appropriate care versus all other categories. Then another contrasting highly intensive treatment against the others. 

Now, certainly you can make different assumptions about the homogeneity of the patients across these categories. You might want to make different assumptions about how much of the quality measure outcome that you're examining is attributable to the physicians or to the facilities or peer groups. In certain contexts, I can imagine it would be useful to construct other versions or other specifications of this variable that would include or exclude certain patients from the denominator. 

This is one example where you would contrast how the intensive treatment against the category four and category three groups; but exclude the ones and twos. We are extending the analysis I am presenting in this work using a measure like this and other ones like it. But certainly, there are other ways you can specify the intensity of blood pressure control as well. 

Alright, so I think that the measure we just walked through is one of the main contributions of this work. But in addition to that measure, I think another significant contribution is this paper's identification strategy. Since many of you were interested in the multi-level health economics methods, this might be of particular interest to you. Our model as identification strategy is based on looking at the experience of physicians who have exposure to different facilities and peer groups over time. 

If you think – this is basically what we want, right. This is analogous to what I described earlier in the thought experiment. What we need are physicians who practice in two different facilities, two or more different facilities I suppose – and have sufficient experience at both that we can compare their diabetes quality performance at the two or more sites. 

To do that, we defined a population of what we call physician movers. In our data, we looked for physician for whom at least 60 percent of their diabetes care episodes took place at a single VA facility in a given year. We established a minimum of ten episodes before computing that 60 percent variable. Then in the next year, we looked to see which physicians had at least 60 percent of their diabetes care episodes at a different VA facility; again, applying the same ten episode minimum before computing the 60 percent. 

Now, to track physicians across facilities in this way would have been impossible without support from DART research staff. They had access to unique physician identifiers that linked physicians across facilities. If you were to just look in the raw data, you would not find evidence of physicians in different facilities because physician do not take their Ids, with them across facilities. That is something I learned as part of this process. 

The criteria that we use to identify physician movers are relatively restrictive, I would say. They yield a population of 326 unique physician movers, which are a very small fraction of a physician's delivering diabetes care in the VA. About a five percent of the 60,461 clinicians who had at least one diabetes care episode throughout the four year window of our data. We will talk a bit more later about whether or not this pool of physicians is representative of the total group of VA clinicians. 

But certainly, there is reason to skeptical of that. Now, if you look at that 60 percent number and you worry about the fact that you might be including physicians who regularly provide care at two or more facilities. Say in year one, they provide 60 percent of their diabetes care at facility A, and 40 percent at B. Then in the next year it switches. It is 40 at A and 60 at B. certainly, these criteria would admit that sort of physician. But if we apply a more restrictive criteria like 90 percent, for example, the number of physician movers included in the sample only drops to 299. 

Our ultimate results are the same; or virtually the same for that group. I tend to think that the results we are showing here are not compromised by concerns about physicians who might practice in multiple facilities regularly and so see the effects of any facility characteristics on them diluted.

Now, I am going to present the empirical framework that we used. I'm going to – I have the model at the top of the page. If that makes you queasy, I am certainly planning to walk through the details, though. This model represents a fixed effects regression model. I mean, fixed effects in the econometric sense and not the biostatistics sense, if that means something to you. That is our models are basically the same as physician_____ [00:29:39] level OLS regression models with indicators for each of the 326 physicians in our samples that control for fixed physician traits. 

We do not include those 326 indicators in our models simply because that is taxing and inefficient. Instead, we demean all of the variables in these models at physician level. Basically that means that for each physician, we have multiple years of data. We can keep the average values of all of these variables for the physician across years and then subtract that mean from the individual physician years, observations, and variable values. 

As a matter of fact, I believe that is the same thing of controlling for any fixed physician traits over time. That might be useful too for controlling for any traits of physicians that make them particularly likely or unlikely to absorb and integrate their peers' practice patterns into their own. The dependent variable, I am showing first in our main results would be the overall blood, BPC measure, the blood pressure control measure. That is the pseudo continuous measure with the _____ [00:30:57] values 1, 2, 3, 4, or 5. The independent variable is worth spending a moment on, too. This is the FAC delta measure in the model up there. 

This variable captures information about how physicians, individual physicians, peer groups change over time with respect to the relevant diabetes care quality measure. It is just say this. The variable is defined as the difference between the average performance of the physician's home facility in the current year and the average performance of the physician's facility in the most recent pre-move years. 

It is post-move minus pre-move where I am subtracting or computing the difference between the average performance of the physician's peers. We have a number of control variables in these models as well, including patient characteristics as well as facility characteristics, and the county characteristics. Many of these are trying to control for many of the potential omitted variables you might be concerned about when we can specify in my peer effects model. Then finally we include year fixed effects to control for any secular trends in diabetes care quality over this time. 

Alright, so let us move on then. I want to note that of course, in the previous slides. I was showing that our main dependent variable is the overall measure. But we do also run versions of these models for the simple dichotomous variables that I described earlier as well. We do that for three of the potential measure values; almost certain undertreatment, appropriate care, and highly intensive management. Then in separate models, we also introduce variables that interact the key independent variable with measures of current year facility resource measures. The results of those models turned out not to be particularly interesting. 

I will not bore you with the tables presenting the results. But I will certainly note what we found when I summarize my findings. In addition, as I eluded to earlier, we also ran cross-sectional versions of these models corresponding to the panel data models just so we could compare the panel and cross-sectional results. For reference, the cross-sectional models we estimate, they regress physicians' blood pressure control measured performance on their peers' average performance in the same facility in the same year. There is no regression on any changes in physicians' exposures. These are exposures within the same year.

Alright, so let's show a few results. I have some sample descriptives on this page. The average blood pressure control measured value for physician years was a very close – for physician years and for these movers, I would say. It was very close to number three, which is the level of appropriate care. You can see from the next three rows in the table that the majority of the care episodes did fall into that appropriate care category. Though there was some distribution about that measure three group, five percent of episodes fell on the measure equals one group; and 13 percent or so fell into the measure equals five group. 

Those percentages do not add up to 100 percent because I have excluded the measure equals two and measure equals four groups from this table since we are not using them as dependent variables. In case, there is any confusion, those percentages pertain not to the 1,000 or so observations we have in the physician year data set. For physician movers, those pertain to all of their care episodes individually. Those percentages are computed for a much larger number of observations. I am sorry about that confusion. 

Our main results are shown in this table. The main takeaway before I start interpreting coefficients is that we are finding evidence of large peer effects. These are particularly large in our panel analysis and within the sample of physician movers that I identified. All of these results are significant at the five percent level. I believe they are significant at the one percent level as well, if you are curious. 

The way to interpret the first row, which pertains to our panel model is as follows. Imagine that you are a physician mover moving from a facility A where all of your peers provide appropriate care, measure equals three a 100 percent of the time. You are moving from that facility A to facility B where all of the same physicians' new peers deliver more intensive care; measure equals four care 100 percent of the time. That is a pretty big shift in average peer performance. We find that would be associated with a 0.26 point increase in this mover physician's average care intensity. Again, imagining that physician moves from the all care equals three facility to the care equals four facility. That physician's care would increase from three to four for about a quarter of these other patients. 

Again, these results are a little bit bigger than what we are seeing for the cross-sectional models, which are in the second and third rows of this table. The second row is the cross-sectional model for the same group of moving physicians that we are using in model one. Those results are fairly similar though the estimate is a little bit smaller. The model three row is the cross-sectional estimate for all physicians; the models estimated across all physicians not just the movers. We are seeing much larger peer effects in the moving physician groups than we are for the all physicians. But again, the main takeaway here is we are seeing large peer effects. 

These results may be particularly strong too in light of what I mentioned at the top of the presentation. But we tend not to observe a lot of variation across facilities and performance on these quality measures. We found another work this particular blood pressure control measure varies a little bit more across facilities than your standard EPRP measures. But still, the variation is not so great as to diminish what we think of here as pretty robust results. Let me move on to the next set of results I wanted to present here. These are the models we constructed for the other dependent variables that had the dichotomous outcomes of the overall measure equal to one, three, or five. 

The main takeaways in this table are the same I would say. Our panel data peer effects estimates in the first row are quite large, larger than what we observe in the cross-section for either the same pool of moving physicians. Or in the last row, what we see for all physicians. However, the contrast between our panel results and the cross-sectional results are a bit more pronounced here. It is possible that is because there may be different mechanisms by which we are observing these peer effects for low intensity care versus for appropriate care or for highly intensive care. Those different mechanisms might be offsetting each other somewhat in the overall measure results I showed in the previous slide.

Then let me summarize the results. We found strong evidence of peer effects. Again, to interpret our main coefficient estimate for a one point increase in a physician's peers' overall blood pressure control measure score relative to pre-move peers, the physician movers experienced an increase BPC score  of about 0.26 points on that same five point scale. We found that diabetes specific resources do not in fact mediate our peer effects findings really in any of the different models we ran. We looked at resources of a variety of different ways too; by category and using different measure types, as scales, or individual measures. 

We are persuaded that this is a pretty robust finding, too. The facility resources do not happen to mediate peer effects for this measure. Now, we did find also that our panel effects for physician movers are typically larger than the cross-sectional effects for movers or for all sample physicians. This finding is consistent with the expectation that we might be removing some of the simultaneous bias of converging practice patterns among physicians. This is the idea that I mentioned earlier that there may be more factors compelling physicians who are moving to a new facility to adjust their patterns of practice. Maybe more factors than would compel the incumbent physicians at these facilities to adjust their practice patterns to look more like the new guys. 

These findings were particularly strong in our analysis of the dichotomous outcomes. But that may be somewhat_____ [00:41:08] of the way the measures were constructed. But again, these factors that may be compelling moving physicians to adjust their care patterns more, these might have something to do with the characteristics of local populations. You can imagine that the incumbent physicians at the facility would be better acquainted with what the local patient population needs in terms of management. The moving physicians might need to shift more to adjust to the needs of the local patient population at least to the extent we are not controlling for them in our models.

I suppose it is also possible that the moving physicians we examine in this study really are not your typical VA physicians. It is possible that these moving physicians are younger. They may be a bit greener. Their practice patterns might be less fixed and more malleable. It is not entirely clear that the magnitude of our main estimates should be translated and used in making – in constructing expectations about how changing facility traits or organizational structures might affect the performance of physicians at a given facility; if they are applying to all physicians, that is. 

There are some key limitations of this work that I wanted to highlight. The first bullet on this slide is probably the most important. The difficulties of identification and endogeneity in peer effects analyses have been pretty well documented by Mansky and others. We included a lot of control variables in our models to account for differences in patients and markets between pre and post-move facilities. The blood pressure control measure we're using itself is focused principally on physicians' care decisions additional on patient traits. But still, we certainly will not and cannot make any claims about these aspects of our study, eliminating endogeneity and peer effects estimates altogether. 

It would probably be overreaching to infer from our results that the changes in individual physician movers care patterns like we are observing here between pre-move and post-move facilities are strictly a function of the difference in their peers' average quality performance between the two facilities. A more precise interpretation of the effects we are seeing might come through the exploration of more specific mechanisms. We explored the mechanism of resources and did not find anything there. But there are certainly many other mechanisms we will be exploring. 

I discussed briefly already how the movers we include in our sample may not be represented of VA physicians overall let alone non-Veterans physicians. Transfer the magnitude of our estimates to those populations and apply them there at your own risk, I would say. Of course, the results we derived here are for one quality measure only. In our resource focused analysis, we are giving only diabetes care relevant resources, or at least what we consider to be to be diabetes care relevant resources. Conducting the same analysis with a wider range of resources or a different set of resources; you might consider a diabetes care element could potentially yield different results. That is always possible. 

But to conclude, I would say that our first conclusion is that we find strong evidence of peer effects at the facility level, which one, could attribute to differences across facilities. You could otherwise state that to say that physician practice patterns can coalesce pretty quickly at the facility level at least with respect to the blood pressure control for Veterans with diabetes measure that we are using. You could attribute I think a good chunk of this peer effect to facility and care team factors. Though, as I have discussed, there may be other factors playing into this certainly. 

But again, if you do interpret these results as largely driven by facility and care team factors, it still behooves and other researchers I think to continue to look for specific mechanisms to help explain how these peer effects are realized. Let me conclude there. I am happy to take your comments and questions. If we do not get all of your comments and questions, I can certainly be reached by e-mail or over Twitter. Then in your handouts, or if you see these slides online later, we do have the references for everything I discussed here in another slide deck. Again, thank you very much. I am happy to take your questions.

Unidentified Female:
Thanks very much for a great presentation, Adam. I want to encourage the audience to type in your questions into the Q&A panel. I will just start off by asking. I wonder to what extent these peer effects that you found could be somewhat explained by the case mix, the difference in the case mix between different facilities? For example, one facility might have a much higher rate of patients with mental health comorbidities or homeless patients. Patients who might be a little bit more difficult to manage. Then the patients might have sort of less intensive treatment. To what extent do you think these differences could be attributed, the differences between facilities and the kind of patients that they treat?

Adam Wilk:
Yes. I talked about this a little bit during my presentation. We did make efforts to include some patient characteristics in our models as well as region level metrics characterizing local patient populations overall to capture some of the types of variation that you are talking about. But it would be inappropriate for me to say that we had captured all of the types of variation that you are alluding to. I certainly think that there are some differences across facilities that are focused in differences between patient populations. That those differences in case mix could be an important contributor to the peer effects we are observing. 

But again, because of the way we have included some controls in our models; and because of the way the measure is specified; which focuses on clinical decision characteristic…. I am sorry – clinical decisions made conditional on some – on the most important physician – patient characteristics. Those being blood pressure. We think that there are some good chunk of this result that is a result of differences across physician – sorry – across facilities and peer groups.

Unidentified Female:
Okay. Thanks. There are a few questions that have come into the Q&A panel. One question asks, could have the move itself be endogenous? For example, if I prefer intensive treatments, I would see my peers are also performing intensive treatment_____ [00:48:43] a facility, so I will move there?

Adam Wilk:
Yeah. I think that is very much related to some comments I made about the physician movers we are examining in this study not being totally representative of the VA physician population overall. I think I mentioned that these physicians might be younger. They might be greener. They might be more likely to adopt the care patterns of their peers. As for whether these physicians are moving because they know that certain care patterns are delivered at a different facility versus the one that they are currently practicing at, I suppose that is plausible. But I tend to think that it is not going to motivate the majority of the physicians who are moving in this sample. 

I just find it difficult to imagine that these physicians have complete information about their relative differences between facilities in how they deliver blood pressure management. Some information about quality measured performance would certainly be available to many clinicians who have an interest in practicing in different environments. But I think perhaps a bigger concern would be the identification of certain other facility characteristics that might be more attractive to certain physicians. Some of those facility characteristics might well be correlated with the types of quality we are measuring here. Again, that goes back to the comment I made earlier that an important next step to this research is to continue identifying what specific mechanisms might be driving these peer effects.

Unidentified Female:
Okay, great. There is just a comment in here that many physicians report that changing VAs affects their practice based on the practice partners in their new facility as it relates to clinical management policies like pharmacy and medication use and things like that. 

Adam Wilk:
Sure.

Unidentified Female:
I do not know if it is based on prior research or other reports, the comment that somebody made?

Adam Wilk:
Yeah, no, I have heard anecdotal information to that effect before also. I do not know that I have seen any published work characterizing that phenomenon. But I did allude briefly to the fact that we are doing some other work related to this looking at whether certain facility coordination practices might also explain some of what we are seeing here. Among the coordination mechanisms we are looking at are policies regarding prior authorization; or prescription drug benefit management and other things like that. We are certainly hot on that trail. 

Unidentified Female:
Okay. Thanks. The other question asks is the set of stations that received mover physicians, were they representative of the VA. Or, were some move first concentrated in some less stable patients?

Adam Wilk:
That is interesting. I do not think we have looked at the data that way quite as intensively as I think the person asking this question would be satisfied with. I do know that the VA facilities…. I am sorry. I know that we have looked at this analysis both at the 3N and the 6A level in your facility data. We are looking at physicians who have moved between medical centers and their associated CBOCs or, between CBOCs. I'm reporting the results for physicians who moved between medical centers here. But the results looking at moves across CBOCs within VA medical centers, it yields remarkably similar results. I was kind of surprised at that. We are planning to investigate that a bit further. 

Unidentified Female:
Okay. I know that the main question you asked is we are looking at physician movers. But have you ever considered looking at patient movers? For example, patients might be receiving undertreatment in one facility. If they moved to another facility, they might receive appropriate care there. There could be potentially more observations, if you looked at the patient levels as opposed to the provider level?

Adam Wilk:
Yeah. That is an interesting suggestion. I know there has been work in Medicare data. Again, I alluded to seeking to identify local mechanisms that might drive differences in medical expenditures. I know that has been done in Medicare for patients who move between regions. That was one of the inspirations for this work. We did consider looking at patient movers. 

We struggled to justify to our IRB that gathering unique patient identifiers to track them across patients would be more productive than examining physician movers, which they were more willing to link for us or to permit us linking. We can certainly go back and try the patient level analysis again. But I guess I would advise anyone thinking about that to be very thoughtful about how they explain the framework of their study to their IRB so that it is clear what the purpose of the research is and why that is an important way to look at it.

Unidentified Female:
I mean, the VA, the patient identifier or using a lot of different data sets, just the scrambled SSN. It is relatively easy to look. It is easy to gather all of their utilization regardless of which facility they were seen in.

Adam Wilk:
Right. Yeah. It is still a matter of identifying what we presume would be a relatively small subgroup of Veterans. The ones who move, making it more easily identifiable and hence, the IRBs concerned.

Unidentified Female:
Just one other question, this person wants to know. Do any patients move with their physicians to neighboring clinics? If so, can you compare patients who move with their physicians to those who do not move with their physicians? 

Adam Wilk:
I am not sure I heard that question correctly. Did I hear you ask on behalf of a listener whether patients and physicians move jointly?

Unidentified Female:
Yes. They want to know. 

Adam Wilk:
I do not know.

Unidentified Female:
Can you….

Adam Wilk:
Yeah. We have identified relatively few physicians who move between VA facilities meeting the criteria that I described earlier. I imagine that relatively few of any given physician's patients would move with them. But suppose it is even a third; we would be effectively reducing the number of episodes that we examine for these physicians, which would probably reduce our power. 

Then, we would probably be identifying effects for an even more unique and nonrepresentative pool of Veteran cases. At least that would be my immediate concern. But more directly answering the question. I do not know. I have not looked to see which Veterans might be moving with physicians across facilities.

Unidentified Female:
Okay. There is one other question that came in. Have you considered the impact from the presence of a diabetes consultation service in a particular facility? For example, according to the number of endocrinologists per facility, their practice, their input to primary care providers, and through e-consults, et cetera.

Adam Wilk:
Yes, we have as a matter of fact. I did not present information specifically about our resource related analysis. But one of those analysis that we looked at included some specific information about the extent of relationships between primary care teams and primary care departments, and other departments, including endocrinology. We also looked at the presence of labs and the presence of endocrinologists among our resource measures. Probably like this audience member who would be quite surprised to hear, we found very little in terms of effects. 

Unidentified Female:
Okay. Thank you so much. Thank you very much for presenting for us today. It was a really great presentation with some very unique methods. Did you want to say any final words before I turn things back to Heidi?

Adam Wilk:
No. Only that I would be happy to take this conversation offline as well. Again, feel free to contact me by e-mail, or over Twitter, or by whatever means you like. Thanks very much.

Unidentified Female:
Alright, thank you so much, Dr. Wilk. For the audience, thank you everyone for joining us for today's session. I am going to close the meeting out in just a moment. When I do, you will be prompted with a feedback form. Please take a few moments to fill that out. We really do read through all of your feedback. Thank you everyone for joining us for today's HSR&D Cyberseminar. We look forward to seeing you at a future session. Thank you.

[END OF TAPE] 
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