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Linda Kok:  Hello, and welcome!  This is Linda Kok from VIReC.  And welcome to the VIReC Good Data Practices Cyberseminar miniseries.  In the previous three sessions, researchers presented the stories of their research, focusing on the interaction between research design and data decisions.  Today's session is the capstone, summarizing the design, data, and methodological challenges and solutions that emerged during the previous presentations.  Thank you very much to CIDER for providing technical and promotional support for the series.  We're going to begin today with a brief poll.  Not including today's session, how many of the previous three sessions in this year's Good Data Practices series did you attend?  None, one, two, or three?

Heidi:  Responses are coming in.  We'll give everyone a few more moments to respond, and then we will close things out.  Please don't feel bad if your answer is less than three.  We really did record all of the sessions and they are all available and are on our catalog archive.  If you don't have the links right now, we will be sending the link out to our catalog with the archive notice for today's session, so you will be able to access all of those right out there.  It looks like we have come to a close here, so I'm going to close this out.  And we are seeing 43% of the audience saying that this is the first session that they've been able to attend, 33% have attended one session, 17% have attended two, and 7% have attended all three.  Thank you, everyone.

Linda Kok:  Thank you.  That really helps to give our presenters an idea of how familiar you are with the presentations that have gone so far.  And now it is my privilege to introduce Dr. Neil Jordan who will be the discussant for today's capstone session.  Dr. Jordan is a research health scientist in the Center of Innovation for Chronic, Complex Chronic Healthcare at the Hines VA.  He is also an associate professor with appointments in psychiatry and behavioral sciences, health care studies, and preventive medicine at the Northwestern University Feinberg School of Medicine.  At Northwestern, Dr. Jordan directs the Mental Health Services and Policy Program, the Health Economics Program, and the Health Sciences Integrated PhD program.  His research focuses on identifying high value service systems of care for persons with chronic complex illness, excuse me, complex chronic illness, with a focus on improving care for persons with mental health disorders, and has been funded by HSR&D, National Institutes of Health, and the Agency for Healthcare Research and Quality.  

As a reminder, we will monitor your questions and present them to the speakers over the course of the session.  A brief evaluation questionnaire will pop up when we close the session.  If possible, please stay until the very end and take a few minutes to complete it.  I am very pleased to welcome Neil Jordan.  Neil?

Heidi:  Dr. Jordan, before you get started, we do actually have your slides in presenter mode, not slide show mode right now.  I'm not sure if you're able to make that change.

Dr. Neil Jordan:  Okay, so remind me again, Heidi, what I need to do.

Moderator:  To be honest, I don't remember this one.  It's just right now we have your main slide with the thumbnail of the next slide and then your notes off to the right, and I don't think we want to have all of that up on the screen while you're presenting.  

Linda Kok:  So you need to go to slide show and view current, from current?

Dr. Neil Jordan:  Alright, so let's try that.  I've got the same thing.

Heidi:  Maria says you need to switch monitors.

Dr. Neil Jordan:  Alright.  So we'll figure out how to even out.

Heidi:  Sorry about this, audience.  We do a tech walk the day before and I thought that we had this all figured out.  Maria says where it says monitor in the slide show view.  

Linda Kok:  In the row that starts from the beginning in current slide, you'll see something there.  Okay.  

Heidi:  No, okay, so hold on.  Go back to where you were.  

Linda Kok:  In the...

Heidi:  No, no, Linda.  That, no, Linda, stop.  Okay, so add your slide show, add your slide show.  There we go.  There was also a presenter view click in there that you could have, but it looks like this worked.  Thank you, everyone, for bearing with us.

Dr. Neil Jordan:  Is there a change now?

Heidi:  We are good now, it looks like.  Thanks, Neil.

Dr. Neil Jordan:  Great.  Sorry about the inconvenience.  Hello, everyone!  Glad to be here, and I do think this is really going to be a fun opportunity for us to spend the rest of the next hour reflecting back on the presentations that many of you saw on Tuesday of this week and on Thursday and Tuesday of last week.  So let me just recap again for folks who have seen some of the previous Cyberseminars in this series.  These works will be familiar to you, but many are joining us for the first time.  And so let me just briefly recap what the learning objectives for the Good Data Practices 4.0 series is.  

Our hopes from this series are, number one, for folks who have participated to understand how previous research results and conceptual decision models influence the development of a research question.  Number two, our hope is that folks will have a better sense for how a research question can influence the choice of study design.  Third, helping folks to understand the ways that research questions and study designs actually can affect decisions about data, and I think we're going to talk a fair amount about this in our session this hour.  Number four, we want folks to become aware of potential data management and analysis challenges and some of the ways that you might overcome those challenges.  And then finally, to become familiar with some of the potential limitations associated with the VA data sources that many of us work with and look at some examples of ways to address some of these challenges.  So these are the sorts of themes that we're really going to be interested in focusing on during our session today.

I'd like to introduce and actually reintroduce the panel for today's Cyberseminar, Sara Knight, Heather Reisinger, Mary Sarrazin, and Amy O'Shea.  So, all four of these folks gave talks, as I said, over the last week or so.  And together the five of us are going to be taking advantage of the opportunity to step back a little bit from the individual presentations that they made to reflect more on these questions about study design, data sources, analytic methods, research questions, and how these are all intertwined.

Heidi:  Now, Neil.  Neil, I'm sorry to interrupt again.  Is there any way you could pull your microphone a little bit closer to you?  You're sounding just a little bit muffled right now.

Dr. Neil Jordan:  I will try.

Heidi:  Thank you.

Dr. Neil Jordan:  Alright, let me know, Heidi, if that's not better.

Heidi:  Okay, I'll see if I hear anything else, thank you.

Dr. Neil Jordan:  So, the agenda here is that we're going to have each of the presenters do a very, very brief summary of their presentation but really with a particular focus in that brief summary on what their key research question was, some of the key study design features, data sources, and analytic methods.  And after each of the presenters has done that, then we're really going to move into the panel discussion here where we're going to start to talk about some of the challenges that each presenter faced in the research project that they described.  And we're going to do this, again, sort of compartmentalizing those challenges into ones associated with study design, those associated with the choices of data or data collection strategies.  We'll then turn to the challenges associated with the research methods used, and then we've kind of got a catch-all, another category that we'll use to cover anything that doesn't seem to fit in those areas.  

Now, for folks participating, what we encourage you to do here is to use your question box, and as questions come up, please enter them as you think of them, as Heidi suggested.  And what we're going to do is, at the end of each of these segments, so about every ten minutes or so, we will pause to take on questions related to design or data or methods or other.  And if you're not sure which of those areas your question applies to or if it applies to many, don't worry about it.  Just go ahead and type in the question, and we'll make sure that we get to it and address it.  And again, we really want this to be as interactive as the format will allow.  So please, we really welcome your questions.

So we're going to start with a brief summary of the key elements of each presentation.  So I'm going to ask each of the presenters, to again, to take about a minute to talk us through some of the key elements of their project in their presentation.  Sara, would you get us started, please?

Dr. Sara Knight:  Yes, terrific.  I am going to be talking about and answering questions about my study, which started with a research question.  How is genomic information incorporated into routine colorectal cancer care, with a particular emphasis on Lynch syndrome testing.  We used a retrospective cohort for patients, and we did a qualitative study of health professionals that were knowledgeable about genomics and colorectal cancer in the VA.  We used a variety of data sources from VA administrative data to cancer registry to the electronic health record, and we brought in AMA Physician Masterfile data, and then we did key informant interviews.  It was a mixed methods study, with analyses that included descriptive statistics so far.  We'll do some predictive analyses in the future and content analysis of our key informant interviews.

Dr. Neil Jordan:  Great!  Thanks very much, Sara.  Okay, Heather, let's turn to you, please.

Dr. Heather Reisinger:  Hello!  So, I presented on a study where we were really looking to identify an optimal hand hygiene bundle of different interventions or strategies to improve hand hygiene, with the goal of implementing it in the VA, part of a larger CREATE focused on MRSA prevention.  The study design was mixed methods as well, and it was really a cluster randomized control trial bookended by qualitative evaluation.  So, in those qualitative evaluations, we did data collection from staff involved in the hand hygiene programs locally.  Then we did a randomized control trial of different strategies, and now we're in the process of doing a summative evaluation focused on those interventions.  

The data sources were key informant interviews with those involved in the hand hygiene programs.  We also did focus groups of front line staff during our site visits, and then we did direct observation of hand hygiene, compliance with healthcare workers at nine, eight or nine different sites.  And that was, that's the primary outcome from the cluster randomized control trial.  

And then the analytics method, I talked about our qualitative team-based analysis, and then I used some of the descriptive statistics that we've just begun to look at with the cluster randomized control trial.

Dr. Neil Jordan:  Great!  Thank you, Heather.  So, Mary and Amy, you did your Cyberseminar together, and can you now summarize your presentation please? 

Dr. Mary Vaughan-Sarrazin:  Sure!  Can you hear me okay?  This is Mary.

Dr. Neil Jordan:  Sound great, Mary.  Go ahead.

Dr. Mary Vaughan-Sarrazin:  Okay.  So, yeah.  So Amy and I presented on a study to look at the impact of telemedicine intensive care monitoring in ICU units, not only the impact on patient outcomes but also differences in the use of the system across sites.  And this was a study that used, excuse me, secondary data sources, so it was all observational data collected, you know, through administrative data sources and also incorporated laboratory and bioscience data.  

Our original study design included facility matching.  Originally the remote monitoring systems were planned for implementation in VISN 23 intensive care units.  And so our original design was to match intensive care units in VISN 23 to similar intensive care units outside of VISN 23 that didn't have remote monitoring.  That design changed over time, and I think we'll talk about that a little bit later on today.  I mentioned we used the VA administrative and clinical data, including the MedSAS data sources, datasets.  Our analysis used logistic regression to look at patient outcomes such as mortality, readmission.  We also looked at length of stay.  And then Amy conducted additional analysis to look at variations in how the system was actually used across sites.  And Amy, do you have anything you want to say about that?

Dr. Amy O'Shea:  Basically, the thing I want you to know about that is the utilization is interesting because it's a question that we, people are finding sometimes that patient outcomes are changing and sometimes not, and so looking at utilization could be a mitigating factor for whether tele-ICU is working or not.  And so we did mostly more descriptive information with that, and we also had to take care of the fact that the two tele-ICU hubs had different operational hours, so the patients had different exposure to the tele-intensivists.  And that's all I have about that.

Dr. Neil Jordan:  Okay!  Thank you, Mary.  Thank you, Amy.  So now that the presenters have summarized their presentations, what we'll move onto now is a group discussion of the challenges that these investigators faced in each of these different areas.  And again, let's start with some of the design challenges.  Again, what we've done here is just tried to at least capture some of the ideas, and again, we'll talk about, some of these others may come up in the discussion.  And again, if you have questions, please go ahead and type them in the box and we'll try to take questions about design as we move forward.  

And so, again, turning to the panel here, and again, really no sort of order that we need to do this in, but I thought maybe we would at least, Mary and Amy, start with you, and talk a little bit about this, the matching strategy, again, just to provide a little bit more of context for our listeners and viewers.  One of the things that was really special about, that your study was, that you were looking at an intervention, telemedicine ICU monitoring, that's really a facility-level intervention, you know, most directly.  And because you could not do this using random assignment, you needed to have, at least initially, a matching strategy.  Could you talk about how did you approach this challenge of doing a facility-level analysis where randomization wasn't possible?

Dr. Mary Vaughan-Sarrazin:  Sure.  So as I mentioned, our original approach was to match facilities.  So originally the intervention was planned for implementation in VISN 23, which includes eight ICUs.  So this was a remote monitoring where you have intensivists staffing a room full of monitors that are then connected to beds in the local facilities.  And so our original plan, as Neil mentioned, was to, you know, match facilities or intensive care units with the remote monitoring systems to units outside VISN 23 that did not have, at the time, remote ICU monitoring.  That turned out to be, actually, a very challenging endeavor.  And there's a saying in the VA, which is if you've seen one VA facility, you've seen one VA facility.  And that's essentially, you know, as we were trying to match facilities, that's really kind of what we were up against so that we really had a hard time finding what we considered really good matches.  We found, you know, that would meet a variety of facility-level variables that we wanted to capture.  In the end, we were able to come up with, you know, suitable matches, matches that we thought were suitable.  Although, you know, there's always a certain amount of gray area there, and to a certain extent it was somewhat arbitrary to, you know, identify variables that we thought were important, you know, facility-level variables and to get suitable matches.  

And then also, along with that, as we were doing these analyses, not only did we have difficulty getting good matches, but the actual use of remote monitoring then expanded over the country.  So we started off just with VISN 23, and we ended up with remote monitoring being used then in VISN 10 and subsequently VISNs 7 and 15.  So we were also dealing with, you know, expansion of this technology.  And in the end, our more recent analyses, we've completely changed our analytic strategy.

Dr. Neil Jordan:  And Mary, could you, I guess what advice would you give to someone who was going to set out to do a facility-level intervention like, you know, who's going to evaluate the effectiveness of a facility-level intervention like this and found themselves in the same shoes where they would have to, they face the challenge of identifying basically a good comparison site or set of sites.

Dr. Mary Vaughan-Sarrazin:  Well, I, you know, there's a couple approaches we, you know, you could do.  One is if matching really is your goal, if, for whatever reason, you, other types of analyses might be sort of an interrupted time series analyses where you're examining trends, you know, all over the entire country, and then maybe look to see what happened with those trends in facilities that implement your intervention compared to other facilities in the country.  And that's actually, our more recent analyses, that's the approach we're taking.  Now, it may or may not be feasible in all sites, you know, in all studies.  We also had considered perhaps matching facilities by propensity models.  Although that, again, you know, we liked the appeal, sort of the intuitive appeal of just using, you know, strict facility-level variables.  So we ended up using patient volume, sort of some measures of urbanicity, of facilities, and staffing models for the intensive care units.  

So I would say to the extent possible, you know, identify those variables that you deem most important, perhaps even convene a panel of experts to help you identify which variables are key.  If you have a set of, you know, you're never going to get a match with 20 facility-level variables, but maybe identify the five most critical variables for matching, and perhaps you then, you know, before your intervention starts, you know, conduct some of these matching algorithms so that you know a priori which facilities you're going to use as control facilities.

Dr. Neil Jordan:  Those are great suggestions, Mary.  Thank you.  So let's turn to a different design challenge and a different study.  Sara, you know, one of the things that I really liked about your presentation last week was the way that you started to talk about one of the very critical elements of developing a research question and a research study, and that's the idea that, you know, we do some pilot work.  It generally informs the larger study.  And simply those of us who are experienced at competing for HSR&D funding have really come to understand the importance, you know.  Peer reviewers really place a lot of focus particularly for investigator-initiated research, there is good pilot data, there's good sort of preliminary research done.  And so you certainly did that for your project, but you had sort of an interesting experience with what the pilot data told you, and it was sort of different than I think what you thought it was going to tell you.  Could you sort of walk us through a little bit about that particular challenge that you faced?

Dr. Sara Knight:  Sure.  So we did have pilot funds, although we had a fairly small amount of pilot funds to do our pilot studies.  So we based our understanding of utilization of screening for Lynch syndrome on administrative data, namely inpatient and outpatient files.  And we, actually for our qualitative study what we wanted to do is to use a maximum variation sampling strategy to sample key informants at high-utilizing and low-utilizing facilities.  And based on the administrative data, it appeared as though there were high-utilizing and low-utilizing facilities.  We did consider some other variables for the maximum variation sampling, but we went with the high- and low-utilizing facilities.  

Now in our larger study, we had many more sources of data, including an extensive and very large chart review.  What we found in the chart review and with our larger dataset, which included cancer registry data, we found that all were low utilizing in the time period we were looking.  So we really couldn't use that as our, that a priori plan for linking our two approaches, the quantitative with the qualitative.  But we had talked about other potential ways we could approach this, and one was we thought that utilization may also have something to do with the presence of comprehensive cancer center affiliated with VA or oncology volume.  And in fact, some of the key informant interviews we did in the pilot didn't say that some physicians who were involved in the care of colorectal cancer patients were not that familiar with young colorectal cancer patients, which was the group we were looking at, and they also weren't that familiar with the guidelines for Lynch syndrome care.  So we thought actually we could use oncology volume.  We didn't decide this, though, until after we realized our utilization variable was not going to work for the maximum variation sampling.  But I think that we, at least because we had the pilot experience with the key informant interviews, that gave us a clue as to what other variables might be good proxies for maximum variation sampling in the qualitative study.

Dr. Neil Jordan:  Yeah, so Sara it sounds like, again the lesson learned here is that it's often a good idea to have more than one approach, more than one way to think about, you're justifying a sampling strategy so that if, as happened for you, if Plan A doesn't bear fruit you've got a Plan B.  Right?

Dr. Sara Knight:  Yes, and it was helped with the pilot study.  I think one of the lessons for me here was that while you think your pilot data is going to provide a lot of very useful information, and it certainly does, you've got to be prepared to change.

Dr. Neil Jordan:  Great!  So let's turn to one other design challenge, and Heather, let's talk about one of yours.  And, you know, I think that, and I'm really looking at the third one on your list, and again, just kind of a precursor to my question, one of the things that we learn and learn as part of effective grant writing, it is being able to put together a study timeline that really accurately captures what's going to happen when in your proposed study.  And certainly reviewers pay a lot of attention to that because one of the questions that reviewers are always evaluating is, is your proposed timeline feasible.  Can you do what you proposed in the time that you proposed to do it in?  And you had a review run into some particular challenges with how you had scoped out your, the time for your study.  Could you talk a little bit about those challenges and how you overcame them?

Dr. Heather Reisinger:  Sure.  So it particularly came up, I guess I'll step back and say that it did come up with reviewers.  And when we originally submitted the grant and then with the revision we adjusted it because we originally did, were doing baseline hand hygiene data collection at the same time as we were going to do the qualitative analysis.  And instead we did, or the qualitative research.  And instead the reviewer said you really need to do the qualitative research before you do any baseline data collection so you're not changing the baseline data while you're doing the interviews.  So that's one thing that we revised before we even started the grant, based on feedback from reviewers.  

Another thing that happened was we hadn't planned in enough time to clean up the datasets before it needed to be, we needed to decide on randomization or have it reviewed by the statistician for randomization.  And I put in add some flex time because we luckily had wash-out periods that we could condense, and that gave us time to make up for our missing, when we had to spend time doing the randomization and cleaning up the datasets.  

The other thing that we were not expecting is, like Sara has alluded to, we did pilot data around our intervention at three different VA facilities, but then when the intervention expanded to nine different sites, we came up with many more barriers to actually doing the intervention.  And that delayed the first round of implementing the intervention.  And again, we used the wash-out period to adjust our timeframe for the study timeline.

Dr. Neil Jordan:  So it sounds like you had a pretty good plan.  You had some, sort of some elbow room that you had built into the design so that you were able to overcome some of these unforeseen challenges.

Dr. Heather Reisinger:  Right.  Yup.  But maybe not as much as I would have liked.

Dr. Neil Jordan:  And it's tricky, right?  Because, you know, on some level you obviously want to build in that time, but if you build in too much time, the risk you run is the reviewers may come back and say wait a second, maybe they're proposing, maybe what they're proposing really doesn't need this many months, and maybe it should be a shorter timeframe.  So it's [inaudible 31:48] there.

Dr. Heather Reisinger:  Exactly.  And it can look like you're not prepared, but at the same time, there are going to be things come up that you just couldn't prepare for.

Dr. Neil Jordan:  Yeah.  Okay, again, just a reminder to folks in the audience, we would welcome your questions.  Go ahead and type them in the chat box.  We're happy to take them.  What I think we'll do now is let's move on to the next set of challenges, which are the data challenges, and Amy, why don't we start with you.  I remember during your presentation, which unfortunately was a bit more abbreviated than any of us had anticipated, you used a very interesting data source, the clinical note template, as part of your part of that study.  And you ran into a very interesting obstacle in basically how to sort of work with the data that were in that template.   Could you talk about the challenge and how you overcame that please?

Dr. Amy O'Shea:  Sure.  So the clinicians fill out a standard note template, and it is developed for clinical use.  So it's not developed for research use, which means that it only collects data that clinicians think is important, which may not be information that we as researchers think is important.  Those two things are not necessarily coincident.  

So what that meant is we had to take what the template contained and look at that data to try and determine what we could really say about utilization.  So what things can we talk about that will affect potentially those patient outcomes.  And, you know, you can't create data out of nothing, and so there were things that we wanted to look at that we just could not, and so we had to go with what was there.  Now on top of that, that template when it's recorded is all text.  And if you've ever dealt with data, you know we like things to be quantitative instead of text because it's a lot easier to work with, with text.  Whenever you have something that has a capitalization somewhere or someone misspells it, it makes it into a completely different thing.  So that does not work very well when you're trying to work from a statistician's viewpoint.  

So that was the other challenge.  And then on top of it we had to also think about the way that the template interacted with the Corporate Data Warehouse.  With that in mind, what it did was every time, in the template someone checked a box, that created a new entry in the health vectors table.  

Now whenever you are in the template you can, of course, check box multiple things or one thing.  And you can also check these sub-categories.  So when you are trying to put that together, we had to decide whether we wanted to understand each checkmark sort of independently or if we wanted to understand what happened in the full moment.  So did we want to combine the data together from that one single interaction from the clinician's viewpoint, which was one interaction which might contain four, five, 10 different checkmarks versus each interaction checkmark by itself.  

So those were sort of challenging things, and the way that we overcame those was one, we had to update our hypothesis question, and we could only answer the things that were in the template, so for example, the kind of care that was received or whether patient care changed.  

Secondly, we had to basically look at all the possible options in the text and then combine those into something that was more quantitative and numerical for us.  And then finally, to overcome that bit about, gosh, I lost track of what, of the third thing.  To overcome that bit that was about combining things.  We just had to really decide what was our interest, and for us the interest was combining things into the single interactions or the single time point and putting all of those individual checkboxes together into one thing.  And that was fairly simple to do.  We just had to manipulate the data to combine that based on the times that it was entered.

Dr. Neil Jordan:  Great.  [Inaudible 36:14] really helpful walk through one of the challenges of working with data that were not originally designed for research.  Heather, let's turn to you and, you know, one of the comments you made in our prep conversation, which shows up on this slide, is this idea that data collection is also a staffing issue.  Could you talk more specifically about what that was in your study and how you overcame it?

Dr. Heather Reisinger:  Sure.  So the series was really trying to, the focus is on data, and so I was thinking about the challenges that we faced in this particular study around data collection.  And one of those is that we lost two sites during the study process.  And they were due to HR issues, and that's actually, I think my third or fourth other point is that whether we should be working with sites that already have research infrastructures in place and so they know how to handle research money.  They know how to help hire research staff.  And so one of our sites just had challenges working through that and was never able to hire an RA by the time we needed the data collection for the baseline started, and so we just had to drop that site.  So we often think of staffing as like a team building issue or how to keep or retain your staff, how to make sure they're doing quality work.  But this was an example, I guess, of how those kind of issues can also impact data collection.  So I wanted to bring it up on the series for that reason.

Dr. Neil Jordan:  Again, are there any, you know, any tips, any ways to try to, I know you couldn't anticipate losing those sites, per se, but are there strategies for kind of how to be prepared for that?

Dr. Heather Reisinger:  Yeah, so I mean luckily we had 10 sites originally in the study, so I do think it impacted our power calculations some by losing those sites, but at least we had many other sites there.  I think it's actually something I would like to pose to the audience.  I think it's really beneficial to have sites that aren't really involved in research be part of your studies because it's a different type, potentially different type of facility, things like that, and it can lead to important information.  But it's much easier to work with, for example, another site that already has a COIN and knows how to work, already has staff in place that they might be able to tap into, things like that.  So I'm still not sure how I would go on that.  We did try to do a lot of work directly with their HR, sharing PD's, working with their finance office with the money, but we just were never able to overcome it.  But I think maybe we could in the future.

Dr. Neil Jordan:  Well, great!  And so, you know, if the audience members have thoughts about that, please write them in the box.  And again, this is actually a good time to pause.  Linda, why don't you, could you read a couple of the questions the audience has entered, please?

Linda Kok:  Okay, sure.  Can you hear me?

Dr. Neil Jordan:  I hear you great.

Linda Kok:  Okay, great.  I have one question.  I think this is for Heather.  Could you expand by what, about what you mean by wash-out period for the study, for this kind of study versus a drug study?

Dr. Heather Reisinger:  Sure.  So, for the hand hygiene interventions, what we wanted to do is see, so the first one was how often, if you change a sign to remind people to wash their hands, if you change it once a month or if you change it weekly or if you never change it, does that impact how often people wash their hands.  And so during the wash-out period, we wanted to just, we just left the signs up the same way the whole time, and to see if hand washing went back to baseline during the wash-out period, to see if it really was an intervention effect, look at temporal issues, things like that.  So it just is another way to test if there is an impact from the intervention.

Linda Kok:  I have another one for Heather.  How is the heterogeneity across the sites controlled?

Dr. Heather Reisinger:  For the hand hygiene observations, we, I mean we have, I guess facility-level characteristics that we can use.  We also, all of the data collection was done in a very standardized way.  And so the training that we did with the people, the observers who collected the hand hygiene data, was standardized to try to control for any biases from observations.  And then we will look at healthcare-associated infections as well at the end.  But mostly we'll be looking at the facility characteristics alongside the observational data.

Linda Kok:  Okay.  This one is more for everyone.  With respect to data planning and designing your studies, were there any changes or surprises about the data you expected to be available?  And if so, how did you make changes to your plan to accommodate the surprises?  Neil, do you want to direct this one?

Dr. Neil Jordan:  Do I want to direct it?

Linda Kok:  To one or the other of the speakers.

Dr. Neil Jordan:  Well, I, you know, Sara, maybe you want to take this one as you, you know, you had many, many data sources in your study.  You want to speak to this one a bit?

Dr. Sara Knight:  Yes, I'd be happy to.  So we had a number of surprises with our data.  In particular, you know, I think with the administrative data we were looking at, we had used an algorithm, for example, from an earlier study that was conducted on the quality of colorectal cancer care.  But it was a case finding algorithm and it worked with administrative data and the VA.  However, what we found when we applied it in our new cohort, which were Veterans under age 50, we found that we ended up in our chart extraction having many false positives, and at one point difficulty finding cases just because the original study looked at Veterans over 60 and the new study looked at Veterans that were under 50.  Veterans under 50 are not recommended to have colonoscopy, for example, for colorectal cancer screening, and older patients are, do get that recommendation.  So the algorithm just wasn't appropriate for the newer sample, and so we were very surprised as we assembled our larger dataset that we, and that provided much more information.  We found that we had to adjust many things that we couldn't test in advance, so that was one of them.  So I hope that that was close enough to the idea, but that was one of the main surprises we found in our new data.

Dr. Neil Jordan:  I kind of wonder, to this question, and maybe we're going to jump, just kind of jump forward for a moment.  Do you want to talk, you know, about this question in the context of one of the methods challenges that you ran into in your project, which is this idea that once you have real data we sometimes come to realize that some of the assumptions we made may actually not hold water.  You want to talk a little bit about what that looked like in your study?

Dr. Sara Knight:  You're talking to me, Neil?

Dr. Neil Jordan:  No, I'm talking to Heather now.

Dr. Sara Knight:  Oh, Heather, okay.

Dr. Heather Reisinger:  Said false assumptions and I perked up.  So it mostly came out for us when we were starting to do our randomization.  And we went to a biostatistician that we had not had a chance to work with when we were writing the grant, and he had a lot of experience with cluster trials.  And when he went to look at the data that we had, and one of the things that is very common with hand hygiene data is that you can't link it individually, to individual healthcare workers.  It just is, you cannot do it for union reasons of matching people, tracking people basically.  They have a lot of problems with that.  Also the observers can't be covert and then go up to someone and ask them, you know, an identification number or something like that so they can track it all the way through.  

And so because we couldn't link individuals through time, that created a lot of problems within our clusters that the statistician was able to help us understand but also meant that the power calculations that we originally had didn't meet the same assumptions.  So when he had the data and could really work with it, we were able to talk about that.  

And we're actually, Amy O'Shea started working with us, who is on the call, on this issue of well, and it actually revealed some assumptions that are made throughout the hand hygiene literature when we do studies, which many hand hygiene studies aren't done at multiple centers.  So this is a cluster trial, so it's at different facilities.  It's clustered by unit and then within healthcare workers.  

So we're actually going to write a methods piece on this challenge in doing hand hygiene research because it's something that a lot of hand hygiene research hasn't really taken into account.  So it was good to have real data.  Qualitatively I'll say that that also helped understand our interventions a lot and how to make them work better.

Dr. Neil Jordan:  Great!  Thank you, Heather.  Let's turn back to Mary and Amy now and let's talk about one, have them talk about one of the methods challenges they faced that's actually a very, very common challenge that we face in doing VA research and particularly when we use administrative data, and that's the challenge of adequately measuring, accounting for patient acuity.  Mary and Amy, do you want to talk about that particular challenge in your project?

Dr. Mary Vaughan-Sarrazin:  Sure.  I can talk about that.  So we were looking at patients admitted to the ICU, and we had, you know, it's quite common to measure comorbidities, but that doesn't really reflect, you know, what the patient status is at the time they enter the ICU.  Are they conscious?  Are they breathing?  What's their pulse?  What's their respiration and so on?  So we really needed a good measure of that sort of acuity.  What was there status when they were admitted to the ICU?  Now a common use score for looking at patient acuity is called the APACHE score.  It was developed specifically to look at ICU patients.  And I don't remember exactly what APACHE stands for.  I think it's Acute Physiology and Comorbidity, something like that, but anyway, we call it APACHE.  And it incorporates things like vital signs, some comorbid conditions, patient age, and laboratory values.  And when we originally started on this, and it also includes the Glasgow Coma Score, which really is not available through VA national patient datasets.  

So when we originally started our analysis, we really had relatively easy access to lab data, and so we originally incorporated just the lab components of the APACHE score, and then subsequently we moved, you know, to the sort of full-blown APACHE that incorporated all the other variables minus the Glasgow Coma Score which really isn't available.  Yeah.  That answer your question?

Dr. Neil Jordan:  Yeah.  That's great, Mary.  Thank you.  Alright, so let's turn to the final segment of our discussion this afternoon, which is other challenges, and let's actually turn to some audience questions in this area.  Linda?

Linda Kok:  Hi!  I have a question about whether the presenters would like to give examples of how they kept track of their data decisions.  It sounded like there was a lot of change during some of the studies.  How did you keep track of the different decisions like variable construction in your studies?

Dr. Amy O'Shea:  I think I can answer this one.  This is Amy.  So what I did was, so I have a lot of projects where I have to deal with this exact issue, and so I have a project journal where I keep track of all of that.  And then inside my staff code I also put references to certain emails and the date of the email.  I include the formulas, and then I also put that into the document, and that basically just a living document.  So every time there's a change, there's always a date, there's something that indicates why the change was made or references back to an email or a meeting, and then it also includes things like where data comes from and how I calculate things.  It's all about documenting so that, you know, three months later you can go back and say hey, that's why we made that decision.

Linda Kok:  Thank you.

Dr. Mary Vaughan-Sarrazin:  One thing I find useful also, just to add on to what Amy said is to actually include references in my SAS code.  So, for example, with the APACHE if I'm, you know, there's three different versions, if I'm referencing, if I'm, you know, basing the calculations on a study published in, you know, 1999, I'll actually include that actual reference right in my SAS code so that I can, you know, make sure I'm using the right derivation.  And then it gets easier, it's easier then as well when you go to publish and you need to actually insert your actual references.

Dr. Sara Knight:  I think I can add some, another method as well, and I want to emphasize the importance of this.  In my study team, having regular meetings so that there's a discussion of all of the decisions and you have input from your various collaborators on the decision, I think that's very important to get those diverse opinions.  But we always keep, even outside of my project log, we keep study team notes so that we have all the opinions expressed and then, in particular we describe the rationale for why we select a final decision.  And we record the final decision, and that is in a note that has a date on it.  It's stored in study files.  And we can refer back to that.  I find that that's very helpful in particular to have the rationale, and that rationale sometimes goes right into a paper.

Linda Kok:  Great!  Thanks.  Very good data practices.  Did you have any difficulty obtaining operational data for research purposes since there are different regulatory parameters regarding operational uses and research uses?  So was there any datasets that, or data sources that you had difficulty getting because of the research operational differences?

Dr. Mary Vaughan-Sarrazin:  Well, we make it pretty clear distinction.  I'm sorry, was that for the general group or...

Linda Kok:  Why don't you go ahead, Mary, and I think then Sara had something.

Dr. Mary Vaughan-Sarrazin:  Oh, okay.  I'm sorry.  I interrupted.  We make, but we, you know, we make a pretty, you know, solid distinction between projects that are operations and projects that are research.  So, you know, I guess from that end there's sort of no gray area for us.  But in terms of, you know, if we want to identify data that are maybe not collected for research purposes, you know, that we want to use for research purposes, we did have trouble.  We did have some data we wanted to get from IPEC, the Inpatient Evaluation Center, which, you know, provides data to facilities for performance metrics, and ultimately we were not able to get what we, you know, that data for our research purposes.

Linda Kok:  Sara, did you have something?

Dr. Sara Knight:  Yes.  I think in our case the registry data was the most difficult to get and had a longer wait than the other data sources.  I think part of that is the way registry data is managed or had been managed in the VA, which is under the particular clinical service.  And often there are not, there's not a large staff that really keeps track of the data and requests for the data.  So to get registry data, you're always, or at least in the past you're reliant on one or two people, and if one person is out of the office for any extended time, it can cause a delay, and that certainly happened with us.  And we also found that we had to build a relationship with the main registry manager in order to get the data.  She really wanted to trust us and know that we would use the data appropriately.  So that took some time, just like building any partnership.

Linda Kok:  Okay.  I have one last question, and it's when you, any of you that use CDW, did you go through VINCI DART process or did you get data locally?

Dr. Neil Jordan:  Mary, you should probably take this one if you can.

Dr. Mary Vaughan-Sarrazin:  Sorry.  We went through VINCI DART.

Linda Kok:  Okay.  Did you have any problems...

Dr. Mary Vaughan-Sarrazin:  This is Mary.

Linda Kok:  ...any problems with that or anything?  No?

Dr. Mary Vaughan-Sarrazin:  No.  We've got it down to, you know, initially I think our very first projects that used DART, I think there was, you know, there was a little bit of a lag time and maybe a little bit of back and forth, but we have a number of projects now that have gone through the DART process and are on VINCI, and we have one person who really oversees that, and it's pretty smooth right now.

Linda Kok:  Okay.  That's all the questions I have.

Dr. Neil Jordan:  Great!  Well, I think we've pretty well reached the top of the hour.  So I just wanted to say thank you very much to Sara, Heather, Mary, and Amy for not only sharing your work but really sharing your thoughts and insights about some of the key decisions and challenges you made and faced in your studies as they relate to study design, data sources, analytic methods, and other things.  And again, thanks to everyone who participated, and it's great to have a chance to get under the whip sometimes and understand better how we do our work.

Linda Kok:  Okay, thank you, Neil.  Want to go through the next couple of slides for me?

Dr. Neil Jordan:  You bet.

Linda Kok:  So we have some resources, as particular I want to draw your attention to HSRData Listserv and the VIReC Help Desk, and let's move, and here are some other resources here.  The VIReC website is included, our Cyberseminars, and VHA data portal link, and also there was a HERC and CDW and the archive dataset.  And this is the HSR&D website where you can look up the previous VIReC Good Data Practices Cyberseminars.  We have a series; they're all listed on that screen.  And then we can, if you have any questions for our discussant today, Dr. Neil Jordan, he'll put up his contact information, too.  And thank you, once again, for attending the session.  Heidi will post the evaluation shortly.  Please take a minute to answer those questions.  They are very helpful to us.  Thank you so much!  Bye-bye.

[ END OF AUDIO ]

