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Moderator: Okay. Hi everyone, and welcome to Using Data and Information Systems in Partnered Research, a Cyberseminar series hosted by VIReC, the VA Information Resource Center. Thank you to CIDER for providing the technical and promotional support. This series focuses on VA data use in both quality improvement and operations research partnerships. This includes QUERI projects and Partnered Evaluation Initiatives. 

This next slide shows the series schedule for the fiscal year. Sessions are typically held on the third Tuesday of every month at 12:00 p.m. Eastern. You can find more information about this series and other VIReC Cyberseminars on VIReC’s website, and you can catch up on previous sessions on HSR&D’s VIReC Cyberseminar archives. Now Heidi, did remind everyone about finding a copy of today’s slides? This is just what the email looks like, and you can find the link right here in your email. 

Okay, today’s session comes from the Measurement Science QUERI. Based in California, this QUERI aims to integrate measurement science into healthcare for Veterans. And the session is titled Using Data and Information Systems to Measure Colonoscopy Quality. Dr. Tonya Kaltenback is here to present the session. Dr. Kaltenback is an associate professor of clinical medicine at University of California San Francisco and director of advanced endoscopy at the San Francisco Veteran’s Affairs Medical Center. In addition, she is a member of the U.S. Multi-Society Task Force on Colorectal Cancer. Tonya, thank you for joining us today.

Dr. Tonya Kaltenback: Good morning. Good morning, everyone. I’m going to get the session going with my presentation Using Data and Information Systems to Measure Colonoscopy Quality. This is a QUERI Measurement Science colonoscopy quality metrics project. I’ll be presenting this to you today. We first wanted to start with a poll if you could answer what is your primary healthcare role? 

CIDER Staff: And our options here are: Researcher; operations, VACO-based; clinician, mental health; clinician, primary care; or other. And if your option is other, please take a minute and type into the questions box what your role is and we can read through those as we’re going through the poll results. I’ll give everyone just a few more moments to respond to the poll, and we’ll go through the results that we’re seeing here. Okay, looks like we’re slowing down, so I’m going to close this out. And what we’re seeing is 31% of the audience saying researcher; 10% saying operations, VACO-based; zero clinician; 3% clinician, primary care; and 56% other. And in the other, we have heard in from a cardiologist and GI case manager. Thank you, everyone, for participating. 

Dr. Tonya Kaltenback: The next poll question is how many years of experience do you have working with VA data? One year or less; more than one, less than three years; at least three, less than seven years; at least seven, less than 10 years; or 10 years or more?

CIDER Staff: And again we’ll give everyone a few moments to respond to the poll question, and we’ll go through the results. And it looks like we’ve slowed down there, so I’m going to close it out. And what we are seeing is 19% saying one year or less; 27% more than one, less than three years; 32% at least three years, less than seven years; 5% at least seven, less than 10 years; and 16% 10 years or more. Thank you, everyone. 

Dr. Tonya Kaltenback: Thank you. So I’m going to move towards the presentation now. And the agenda of today’s talk is I’m going to present the background need for colonoscopy quality metrics, the VHA priorities for colonoscopy quality. I’m going to present through our QUERI measurement science colonoscopy quality metric project, how we use Natural Language Processing to measure these quality metrics. I’m going to focus on one of the metrics, which is the adenoma detection rate, and then present some future direction.

So the need for colonoscopy quality metrics is real. Colorectal cancer is the second leading cause of U.S. cancer death, and colorectal cancer screening reduces the incidence and mortality of colorectal cancer. There are about 200,000 colonoscopies performed annually in the VA, with 50 to 60% of them being for colorectal cancer screening. 

And there have been quality indicators put forth for colonoscopy with associated proposed thresholds. There are multiple variables during a colonoscopy that predict quality, and there are multiple components to the exam that need to be achieved for that colon cancer prevention to happen. So for example, bowel preparation; the colon needs to be clean in order to examine it. The bowel preparation quality needs to be adequate more than 85% of the time. The instrument needs to be inserted the entire length of the colon, and we need to reach the end of the colon, called the cecum, more than 95% of the time in screening exams, and that’s called a cecal intubation rate. 

Once we have a clean colon and we achieve insertion to the end of the colon, to the cecum, we then need to begin to inspect the colon for the polyps, and specifically for adenomatous neoplastic polyps. And we have a metric for that called the adenoma detection rate, and the proposed threshold is that endoscopists should have an adenoma detection rate of 30% or higher in male patients and 20% or higher in female patients. We then, once we find polyps, characterize them into being, again, neoplastic or something important or non-neoplastic such as inflammatory or hyperplastic that are not as significant. And then the value of colonoscopy is that we find polyps, but we also remove them. So colonoscopy with polypectomy is the, has the impact on cancer incidence and mortality. That removal, the polypectomy, the complete removal of it is a very important element all to prevent cancer. 

So these are some of the key quality indicators that have been in place to reflect the performance of colonoscopy for colorectal screening. And adenoma detection rate, which I mention as a key quality metric, it’s definition is the number of screening patients with at least one adenoma divided by the total number of consecutive patients 50 years or older who are screened with a colonoscopy. So essentially out of all the colonoscopies performed for colorectal cancer screening, how many of those patients had at least one polyp that was adenomatous in your group of screened patients? That called an adenoma detection rate. And we need to take a step back to think the purpose of screening colonoscopy is to reduce the incidence of mortality of colorectal cancer. So when we have quality metrics, we want them to be associated with this incidence and mortality of colorectal cancer. And ADR certainly is the quality indicator with the strongest association to interval or missed colorectal cancer after screening colonoscopy. 

There was a large study, an important one published a few years ago that specifically looked at adenoma detection rate associations with interval cancer risk up to 10 years, advanced cancers, cancer deaths, and they looked across ranges of ADRs to evaluate if there was a threshold ADR that was protective or not. They looked at over 300,000 colonoscopies performed by over a hundred gastroenterologists at 17 medical centers within a healthcare system that had over three million members and strikingly found an adenoma detection range amongst their endoscopists between 7.3 and 52.5%. And moreover, they showed a linear relationship across five quintiles of ADR from lowest to highest, with the dissociation with interval cancer. So high, low adenoma detection rate endoscopists had high rates of interval cancer, and high adenoma detection rate endoscopists had lower rates of interval cancer in their patients. 

Importantly, every 1% increase in the ADR was associated with a 3% decrease in interval colorectal cancer risk and a 4% decrease in colorectal cancer death. And there was no threshold effect above which increases in ADR were without benefit. 

So ADR is an important quality metric, along with the other quality metrics that I’ve put forth, and the VA has prioritized colonoscopy quality and quality monitoring. It’s actually now required. There’s encouragement to benchmark individual providers and facilities in effort to facilitate focused and ongoing professional practice evaluations. 

There was a directive put forth from Central Office on colorectal cancer screening in December of 2014, and within that directive it states that the chief of staff at each medical facility must assess the quality of screening colonoscopy using three specific metrics: Bowel preparation quality, cecal intubation rate, and encourage the measurement of ADR, and that facilities need to look at a minimum of 30 records per provider annually. 

This directive puts forth lots of challenges because there’re significant challenges to reporting colonoscopy quality metrics. There’s no reliable, efficient way of tracking procedure and pathology results to measure colonoscopy quality for the national Veteran population. Specifically, there’s significant variability in the documentation of colonoscopy reporting, including procedure note titles. Most colonoscopies are documented using a text note in VistA or CPRS. There’s no uniformity, even of endoscopic report-generating applications. So our Endowriters such as endoPRO, ProVation, etc., do not have generalization or uniformity to facilitate quality measurement. 

None of the current endoscopy reporting programs link directly to pathology, so in order to determine ADR, which is a polyp that’s found and removed and sent to pathology, the only way we can calculate the ADR is to know the pathology results. And so that currently requires manual extraction, going back into the chart, finding the pathology results, and then linking it back to the colonoscopy procedure report. And specifically, an issue is that production level pathology data is not yet in the CDW. These are all significant challenges to reporting colonoscopy quality metrics and achieving the mandate that was put forth in the directive. 

The time and resources needed are significant, with more than 5,000 person hours per year calculated for that minimum number of 30 patients per provider when you calculate the time needed and resources needed to produce those quality metrics. 

So in looking after the mandate, we actually did a quantitative assessment to see what sites were doing. We did a National VA Survey of GI Section Chiefs, and 90% of them reported manual measurement of quality metrics, 38% were still not measuring adenoma detection rate, and more than 50% of those polled were interested in national measurement and reporting. 

This comes to our Measurement Science QUERI, our colonoscopy quality metrics project. In our project, we had three aims. Our aim was to generate a standardized assessment of colonoscopy quality metrics, specifically ADR, cecal intubation rate, and bowel preparation quality, that could be applied to national VHA data. We were to test the validity of these metrics as compared to chart review at the VHA facilities. And we were to develop a colonoscopy quality report card that’s useful to frontline providers and facilities. 

I want to now go through how we use Natural Language Processing for colonoscopy quality metric calculating and reporting. So we look at three of the colonoscopy quality metrics: The bowel preparation, the cecal intubation rate, and the adenoma detection rate. We have operational partners that are necessary for this program and project to take place. We’ve partnered with the GI National Program Office, the GI Field Advisory Committee, VINCI, the CDW, the Center of Innovation and Salt Lake Informatics, and with a VA colonoscopy collaborative. Our efforts, combined with a VA Merit on adenoma, advanced adenoma incidence at surveillance. All of these collaboration and our partners have been really necessary for this project. 

We have developed an NLP team that consists of domain experts such as myself. I’m a gastroenterologist, a clinician, along with Andrew Gawron and Samir Gupta. Our NPL developers have been the stronghold of this project: Will Thompson, Olga Patterson, and Guy Divita. There’s been significant work from Yiwen Yao on the infrastructure. The annotation team through VINCI has been critical for our gold standard annotation, training, and test set. And then the NLP architecture’s pipeline has been lead through Bill Scuba.  

So this is the dataflow diagram of our overall system. We identify the colonoscopy and pathology reports from the CDW. We then feed the unstructured data into the NLC pipeline, and we use the NLP for informational extraction to convert the unstructured text data into structured data. We then store the structured data on the SQL database and calculate output metrics to generate quality metric reports. 

We use manual annotation as our gold standard. So we obtain a sample of colonoscopy procedure reports, and then a team of trained annotators have gone through the reports using the chart review tool that’s created by VINCI. This chart review tool will actually be presented at an upcoming Cyberseminar on August 10th. The annotators manually search for every mention of a defined word or variable and mark it. And then these annotated notes are stored in a database. The annotated notes, the manually annotated notes, along with our sample procedure pathology reports, is our gold standard for the NLP pipeline development. 

So with the NLP annotation, we have our documents that have been selected through a combination of note titles, CPT codes, and document texts. These are then fed through each NLP variable, and then the NLP takes the unstructured text data and outputs it to structured data. So the NLP is replacing the manual annotation that has been required to date. 

Let me go through some of the specific quality metrics variables with our NLP. And I first would like to say that for our NLP performance, we are using 90% as our threshold for our performance with positive predictive value, or precision, and sensitivity or recall. So for positive predictive value, how many of the selected items are actually relevant? And for our sensitivity, how many relevant items have been selected? 

So let’s look at exam extent. So for example, when we write a colonoscopy report, and we want to express that we’ve examined the whole colon, we may say it in many different ways, or we do say it in many different ways. We may say that we reached the cecum, that the cecum was identified by the appendiceal orifice and the ileocecal valve, that we advanced it to the terminal ileum, that we advanced to 90 centimeters in. There’s many different ways that we document that we got to the end of the colon. 

And so exam extent is one of the NLP variables in order for us to report cecal intubation rates. For example, the structure, the NLP pipeline structure is shown in this diagram here. So first the NLP pipeline breaks the text into sections, words, tokens. And then it starts looking for particular concepts like anatomic sites. So cecum, appendix, ileocecal valve, ascending colon, all of our different anatomic sites, this looks for these particular concepts. And then it looks for patterns around the sites, so words around it or anatomic context it looks for. The NLP is searching for this within that unstructured text. The NLP then converts the unstructured colonoscopy note into structured data that’s presented as an attribute. So reached or visualized, and then a value: Cecum, ileocecal valve, or appendiceal orifice. And then this is then put into our structured database. So you can see here the values being in red and then the words around, or attributes being in green.

Another example is indication, so people are referred for colonoscopy for various reasons. Predominantly, screening is done in close to half of the procedures. But the other half could be surveillance of patients who had polyps before, or they could be in patients who had symptoms such as bleeding, pain, etc. And that’s important because currently, as I showed you the definition for adenoma detection rates, we need to know, we need to calculate it just in screening examination. So us identifying the indication for the procedure is important to then calculate the ADR accurately. And screening could be various, excuse me, indications could be various ones as I’ve outlined. 

So, similar to the other variables and we follow this basic concept for the NLP pipeline and this is just another example for one for indication. So the procedure notes, which is the unstructured data, is then broken down into sections, tokens, and then there’s this pattern matching component again. So we want to identify contextual patterns around concepts or trigger phrases, and then ultimately find, again, the attributes and values, so attributes being here the indication and the value being screening or non-screening such as surveillance or symptoms. And then we take all of this unstructured data, put it through our NLP pipeline algorithm, and then output it in a structured format. And I’m very much simplifying all the hard work that’s been done by these programmers, but this is, in essence, what’s being done. 

I’ll just follow with one last variable. So bowel preparations have been a particular, more complex one because of the various scales that are used in bowel preparation or the no scales that are used in bowel preparation, so it’s been more of a challenge. But the same concept here where you have this unstructured colonoscopy note, and the notes could have various descriptions of the bowel preparation or specific scores. And these scores can be broken down into different segments of the colon, adding complexity because these different segments can have values that then those values can be added to then a total value. So these things can cause some complexity to this variable. 

So in essence then, the unstructured data is broken down again into the sections, sentence or tokens. And then in this case, template patterns are also put forth to try to identify formatted data, such as formatted data in the Boston Bowl Prep Scale, or formatted data that’s in certain Endowriters. And then a dictionary is incorporated with bowel preparation words. The pattern matching is, it occurs again. And then in this case, there’s actually a concept assertion step where in order to identify as a concept is negated. So that’s incorporated as well to ultimately output the attribute bowel prep and the value adequate or inadequate as structured data.  

So I think I’ll move on now to adenoma detection rate. And I mentioned this and certainly have gone through the definition of it, but pathology is a key component to reporting and calculating adenoma detection rate. So we’re developing a similar pipeline for the pathology using a similar structure here. 

And I think I wanted to more highlight adenoma detection, the complexity of that. So again, the definition is the number of screening patients with at least one adenoma divided by the total number of consecutive patients 50 years or older screened with colonoscopy. So if you read that definition, you can see there’s lots of different variables within this variable. We need to know the extent of exam because you need to have a complete colonoscopy in order to have that patient in the adenoma detection rate group. We need to know the indications, meaning screening or non-screening. We need to know the bowel preparation quality because if it’s an inadequate bowel preparation quality, then that patient is not within the adenoma detection rate group. And then we need to know the pathology because we need to know if the polyp is adenomatous or if the polyp was hyperplastic or if it was inflammatory. All of those things are variables needed within this calculation. 

So again, if it’s incomplete due to inadequate prep, patient discomfort, if the indication is not screening but something else, then it’s not included in the calculation. And if we don’t have the histopathology, such as the polyps lost, or we don’t have, aren’t able to find the pathology note or the pathology findings, then we can’t calculate the ADR. 

So simplifying the process for calculating ADR is really attractive. We could potentially report ADR for all exams. Why do we need to report it only for screening? It was proposed for screening, but could it be validated for all examinations, not just stratified by screening? Could we actually have an adenoma mention rate as a surrogate for quality, not only as surrogate for ADR but could it replace ADR, and so that we could use instead of ADR, use adenoma mention rate, which I’ll go into more what that means. And could we report ADR for all levels of providers, meaning if there’s multiple providers associated with a specific procedure encounter, such as staff, nurses, fellows, could we report it for everyone because it’s sometimes challenging to identify the specific provider.

So let’s go back and just think about could we report all indications ADR or do we really need to report ADR for only screening? So we looked at this as part of our project. We looked at 2,638 participants at two sites, and we looked at what was the ADR in the screening group and what was the ADR for all indication, any indication. And if you can, you can see that it, there was not a significant difference between the adenoma detection rate between screening and with any indication. So I think that that is very encouraging that we may not need to cypher out indication as part of this calculation. 

We went a step further to try to do a simulation model because some places may have more screening patients and some places may do procedures more for surveillance patients, for example, or more for patients with symptoms. And it is true that people who have polyps and need surveillance tend to have polyps again, and so they may be a more polyp-rich population that could inflate an ADR if that’s the bulk of your colonoscopy procedures. So we tried to simulate this. And we looked at if 50% of your patients were screening and 50% weren’t, did that change your ADR? And you can see here that it did not change significantly. And then we looked at another simulation where, say, only 20% of your cohort, your colonoscopy cohort, is screening compared to if all of that was screening, and it also did not significantly change ADR values. So I think that this is encouraging as well as a step to simplify ADR measurement. 

The adenoma mention rate is also interesting. So this is looking specifically at pathology results with an adenoma mention, divided by all colonoscopy procedures, so making assumptions again that it’s not just screening examinations, but all colonoscopies. And then actually not linking individual pathology results back with individual colonoscopy procedures but looking at pathology results as a group and how many of those had a mention of adenoma in them over the total number of colonoscopies performed. So simple text searching to query for adenoma or adenomatous text mentions is how this gets performed. We validated this in 100 procedures, 50 with and 50 without pathology results, each from three sites, and these three sites were high adenoma detector sites, medium adenoma detection sites, and low. And we validated it, compared AMR to known ADR through that chart review. 

This was our overall adenoma mention rate findings. So you can see, similar to the New England Journal of Medicine I showed you article about variability of ADR, our adenoma mention rate varied significantly across VA sites, so from 12.5% to 62.1%, and the mean being 40% across all the sites. In the manual validation, we achieved 84% sensitivity and 100% specificity of AMR compared to ADR using this approach. So it’s just another idea that we will further validate to see if we can simplify the colonoscopy quality metric of adenoma detection rate.

Lastly, I want to talk about reporting. So essentially we can measure it, but we need to report it back to the providers. And we’ve created a report card that we’re refining, but we’ve looked across sites, and seeing if we can identify accurately colonoscopy procedures. And you can see, this is just an example of one site where we have procedure counts, procedure note counts, adenoma mention rate, cecal intubation rate, bowel preparation. So these would be, essentially, the components of the report card. And you can see, breaking down by months on a site-level data, the number of procedures that were performed in 2015, for example. And then when we looked back, and seeing how accurate we were at finding these, we were able to capture 97% of procedures for 2015 with our approach. And for the individual provider, we’re able to narrow it down more as well and ultimately feed in adenoma mention rates, cecal intubation rate, and bowel preparation quality to these individual providers that could access this with their GI chiefs, etc. 

I think it’s really important to think about these report cards because adenoma detection is not, it’s not innate, it’s not just because we do endoscopy, we go through gastroenterology training or surgery and perform a colonoscopy that we’re able to find these. Various studies have shown the importance of training, and not only training but then continuing to monitor your performance. So this is just an example from our center, looking for flat polyps, which are even more subtle to find than typical sessile or pedunculated polyps, that it can take up to 1,600 colonoscopies in order to achieve the incidence of finding flat polyps; that’s sort of the national rate. And you can see here that that really, really takes a fair number of procedures to achieve that rate. It’s been shown, not only from our site in such a graph, but it’s been shown in various papers that endoscopic quality improvement programs improve the detection of colorectal adenomas. And if you engage in leadership training, for example, or you engage in performance improvement programs that overall your performance improves. 

This is a recent study showing that not only did increases in ADR had associations with decreasing rates of interval cancer, this group showed that if, over time, you went from a low ADR to an improved ADR, then the similarly over that time you went from a higher interval cancer rate to a lower interval cancer rate. So your increasing ADR from individual providers was associated reductions in interval colorectal cancer. 

This was done out of a study in Poland with 294 endoscopists where they received annual feedback and quality benchmark indicators. And the increase in ADR was associated with reductions in interval cancer with incidence .63 and a hazard ratio of 50% reduction in cancer deaths associated with improvements in ADR. So just all really strong data to show us the importance of actually measuring quality and reporting it back to providers. 

So I think I’ll just end here shortly with some future directions, and what we plan to do as we continue this work is further testing of our NLP pipeline. So we’ve developed these pipelines currently on an annotated training set, and now we are doing a final annotation to have an annotation test set for our pipeline. We need to further validate this simplified ADR metric of adenoma mention rate. And we are currently doing a qualitative study on our report card dashboard because we recognize that the report cards and the feedback will be really important to providers and we want to be able to provide that to them in the highest yield. 

And then we also are looking at, ultimately, when we provide this feedback and we identify the quality metrics for individual providers across sites in the country that we may identify low-level performers. And that then presents us with the issue of how do we address low-level performers? How do we train them? And so evaluation and training initiatives are going to be an important part of what we find through these quality metric calculations and reporting. 

And I think I’ll end early because I believe that there’s a lot of discussion to be had about measuring quality, and I’d like to use the time to answer questions that people may have. I want to thank my team, that this has been a work in progress now for two years. It’s been so much harder than I think people thought in terms of how variable colonoscopy reporting is even down to the procedure note titles is different within stations, between stations, where things are stored. This is really a challenging task that we’re making significant progress in, and I think to be able to get to the point where we can provide feedback and report cards back to providers is a huge achievement. And I’m really excited because seeing the data that shows it can change performance and change adenoma detection rates, for example, and then decreasing interval cancers really shows that this can have a huge clinical impact for our Veterans. Thank you.

CIDER Staff: Thank you so much for the presentation, Tonya. To the audience, there are no questions submitted yet. If you do have any questions for Dr. Kaltenbach, please send those in now. We do have plenty of time left in our hour for the presentation. Meanwhile, Tonya, is there anything else you would like to discuss? Any last points you would like to make? 

Dr. Tonya Kaltenbach: Yeah, I mean I think that I just wanted to say again that there was this mandate put forth, and I think everyone assumes that yes, we should be measuring quality, but there’s so many components to measuring quality that presents so many challenges, even pointing out, again, what metrics to measure, which was put forth in the mandate. I think like 30 for us. We only need to do 30 minimum records. With 30 records, you can imagine the range, the standard deviation of that can be so wide. If half of your 30 records are screening, and then within that you’re measuring specific metrics, it just, it accounts for very messy data. So I think the value, again, in having big data can also allow us to have tighter confidence intervals, for example, of specific providers. And also help us gauge if certain providers are within the range of their own center and those things. But even with this minimum suggestion put forth by the National Program Office, it takes such resources. So I think to have something where we can systematically put forth the quality [inaudible 37:37 to 34:40] is going to be very attractive and helpful for a lot of sites.

CIDER Staff: Thank you, Tonya. We do have a few questions that just came in. First, has the report card been published for all sites or is it still in development? If it has been published, where can it be found? 

Dr. Tonya Kaltenbach: That’s a great question. It still is in development. What we’re doing next is there are 15 field advisory committee sites, so we’re testing it first at those sites and then we will pilot it to additional sites. And so I’m certainly, if you’re a site that’s very interested in testing this, then please reach out to me. My email is here, and we can start discussions about that. But this is something that we first have to pilot specifically with the, we were going to do that with the 15 field advisory committee sites and then have it rolled out to additional sites after that. 

CIDER Staff: Alright. Thank you. Next question: How often are you unable to find the pathology reports? You mentioned that in your talk as an issue. 

Dr. Tonya Kaltenbach: Well, it’s the pathology reports, I don’t, if they want to be a little more specific, but pathology itself is not in the CDW. So where we can find colonoscopy reports, for example, pathology isn’t part of the, necessarily part of the CDW domain. So we’re able to find them through other methods, but it’s not a similar process to the other variables. I don’t have a specific value to say how often we can or cannot.

CIDER Staff: Okay. Alright. Next question: Do any sites generate a PDF report and how are you handling that?

Dr. Tonya Kaltenbach: So there’s definitely some sites where we can’t find their data, and I mean my site, we generate PDF reports and it does into VistA imaging. But we’ve also developed a program where the text of the PDF goes into the procedure aspect of CPRS, and then that’s part of the CDW. So there are ways that specific sites can set up their system so that it could be part of the CPRS and CDW so it could be found. But to answer the question, there are sites where if a PDF is standing alone in VistA imaging, we may see a text that says see this imaging, but we cannot extract that text data. And that’s an issue, and that’s something that we’ll be working with individual sites in the future, because for this project, this is an operational project. This is something where we’re trying to help sites measure quality. So ultimately, if that specific site is sending all of their reports in a PDF to VistA, then we’ll have to see if there’s something they can do within their site to change that process so that the data can be found in the future. 

CIDER Staff: Okay, thank you. We have several more questions, and we have plenty of time to get through all of them I think. Do you feel quality metrics should be report to VACO or remain at the facility level for evaluation and possible interventions?

Dr. Tonya Kaltenbach: Yeah, that’s a great question, and I think that no one knows the answer to that. I mean currently this is something that will be within sites, so this will be the idea. This is an ongoing discussion that we’ll have with the National Program Office, but at the current time this will be a service. And this can be a service to the GI section chief at each site, for example, and then the GI section chief or endoscopy chief, whoever is leading the quality metrics program at that site can be the leader in terms of implementing evaluation performance reviews and changes. This isn’t going to be, to my knowledge, something that is public, is in the Central Office. But certainly the National Program Office is interested in the quality of each site, and so there may be discussions and dialogue with the National Program Office. But that’s something to be determined. I think at the current time this would be something that, for example, the GI section chief would have access to a secure SharePoint site that they could only see their site and their providers and then could share individual provider quality metrics with that person. That’s how we would envision it right now. 

CIDER Staff: Okay. This next question is about the NLP definitions. What platform or tool did you use to create the NLP definitions? And are there any scalability issues with this tool to roll this out to use national data? 

Dr. Tonya Kaltenbach: So we are using national data, and the NLP team, and forgive me because I’m not an NLP developer, but the NLP team has certainly addressed compatibility using the VHA system, and they used Leo specifically to answer that, which is very scalable. So they’ve used systems that work within the VA nationally, and the programmers are very aware about efficiency and scalability. And I think that’s why, probably, Leo was chosen in terms of its use within the VA as it was developed by the VA.

CIDER Staff: Alright. For the NLP approach, will you have to regularly evaluate the algorithms for specificity and sensitivity of case capture and data extraction in the coming years? If so, how often, and what does that evaluation process look like? 

Dr. Tonya Kaltenbach: Okay, so good question. I think we recognize that certainly data can change. How the unstructured data looks can change, so this is currently, we are, through the training set, and we are going to validate it on a test set, and then after that and this becomes a more sustainable service, probably every six months or so we’ll assess the performance of the NLP pipeline. 

CIDER Staff: Okay. Moving on. Will you be able to reproduce this process when the VA replaces CPRS with Cerner?

Dr. Tonya Kaltenbach: I think that certainly the process that’s been put forth through the developers is one that can be replicated if Cerner’s data is unstructured data. I think they can make some modifications and then adapt it to the Cerner system. So I’m not discouraged by that. It certainly, everything takes work, but I think that there, you can see from the slides that I showed in the format and their approach that they’ve used a very uniform systematic approach to each variable. And I think that applying that to unstructured Cerner data, for example, it could be done.

CIDER Staff: Any comments on the use of O.W. health factors? 

Dr. Tonya Kaltenbach: I’m sorry, I need, I don’t understand that question.

CIDER Staff: I’m not sure what O.W. stands for. Okay, I’ll see if the presenter sends back anything else to clarify their question. 

Dr. Tonya Kaltenbach: Okay.

CIDER Staff: So do you and your staff have any plans to present your NLP work in more detail, perhaps in a future cyberseminar? 

Dr. Tonya Kaltenbach: I would love to present it in more detail. I think that’s, and my team would love to do that. 

CIDER Staff: Alright. Thank you so much. I think that’s all the questions. Okay, it says, okay. This person explained that health factors or data objects linked to CPRS. So their question was any comments on the use of O.W. health factors? Does that clarify it? 

Dr. Tonya Kaltenbach: Yeah, I’m sorry. I probably couldn’t answer that, but perhaps someone from my NLP team could. 

CIDER Staff: Alright.

Dr. Tonya Kaltenbach: Are you speaking of health factors like demographic things, or…

CIDER Staff: The person just wrote in that health factors are data objects linked to CPRS.

Dr. Tonya Kaltenbach: Okay.

CIDER Staff: So you can possibly email your question to Tonya and she or someone from her team can get a response to you. Alright, Tonya. Thank you so much for taking the time to present today’s session. To the audience, if your questions were not addressed or if you have additional questions, you can contact her directly. Her contact information is in the slide deck. So please tune in for the next session in VIReC’s Partnered Research Cyberseminar series. This will take place on Tuesday, August 15th at 12:00 p.m. Eastern. This session will be presented by Dr. Melissa Garrido and Ms. Taeko Minegishi from PEPReC, the Partnered Evidence-Based Policy Resource Center. They will present on using VA data to inform the design of partnered randomized program evaluations. We hope you can join us. Thank you, once again, for attending the session. 

[ END OF AUDIO ]

